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Abstract

This study represents the first comprehensive assessment of the Pantawid Pamilyang Pilipino
Program's (4Ps) beneficiary targeting system, called the National Houshehold Targeting
System for Poverty Reduction (NHTS-PR), or Listahanan  since the program's
institutionalization under Republic Act 11310 in 2019. Conducted by the Philippine Institute
for Development Studies (PIDS) as mandated by law, this research examines both the accuracy
of beneficiary information and the effectiveness of the program's targeting mechanisms in
reaching intended beneficiaries. Through a dual-component analysis examining both data
veracity and targeting effectiveness, the study evaluates how well the 4Ps identifies and reaches
poor households while maintaining accurate beneficiary records. The study combines extensive
primary data collection through a nationwide survey with sophisticated statistical analysis of
the targeting accuracy, providing a comprehensive assessment of the program's beneficiary
identification and management systems. Key findings reveal both strengths and challenges in
the program's implementation. While static demographic information maintains high
consistency rates (e.g., household address consistency at 90-94%), dynamic information such
as employment and educational status shows notably lower consistency (e.g., employment
status consistency at 71-76%). The analysis demonstrates strong progressive targeting
conducted through a proxy means test, with 71.9% of 4Ps beneficiaries coming from the bottom
three income deciles, though significant urban-rural variations exist (e.g., 27% of rural
beneficiaries fall into the poorest decile compared to 7.9% in urban areas). These findings point
to specific areas for systematic improvement in both targeting methodology and information
management systems. The study's recommendations aim to enhance both the precision of
beneficiary targeting and the reliability of program information systems, ultimately supporting
more effective poverty reduction through improved program implementation. These findings
have significant implications for policy refinement and operational improvements in one of the
Philippines' flagship social protection programs.

Keywords: targeting, Pantawid Pamilya, 4Ps, Listahanan , NHTS-PR, proxy means test
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1. Introduction

The Pantawid Pamilyang Pilipino Program (4Ps) represents a transformative milestone in
Philippine social protection policy. Launched in 2008, this conditional cash transfer program
has evolved from a modest pilot serving 6,000 families to become the country's flagship
poverty reduction initiative, reaching approximately 4.4 million households by 2023. The
program operates through a carefully structured targeting system that combines poverty
assessment through Proxy Means Testing (PMT) 2 with demographic criteria and behavioral
conditions, aiming to support poor households while promoting human capital development.

The program's expansion reflects a sustained government commitment to social protection,
evidenced by a five-fold increase in budget allocation from 0.1% of GDP in 2010 to 0.5% of
GDP by 2014. This substantial investment has established 4Ps as a central pillar of the nation's
poverty reduction strategy, directly impacting approximately one-fifth of the Philippine
population (Schelzig 2015). However, this rapid scaling has also intensified the importance of
maintaining targeting accuracy and operational efficiency.

The effectiveness of beneficiary targeting stands as a critical determinant of the program's
success. While the PMT methodology has gained international recognition as an effective
targeting tool, it inherently involves trade-offs between inclusion and exclusion errors. The
evolution of 4Ps' targeting system reflects both technological advancement and practical
learning, with early assessments showing inclusion errors of 22-25% and exclusion errors of
31-35% in the first Listahanan round (2009-2011). Subsequent refinements in the second
round (2015) achieved significant improvements, reducing these errors to 11-13% and 7-19%
respectively, placing the Philippines among the more effective implementers of targeted social
protection programs in developing countries.

The program's targeting infrastructure relies on the Listahanan , a national social registry
implemented by the Department of Social Welfare and Development (DSWD). This
comprehensive database has undergone three major iterations since 2009, each representing
significant methodological refinements. The first round (2009-2011) established baseline
coverage of 10.9 million households, identifying 5.2 million as poor. The second round of
Listahanan (2015) expanded coverage to 15.4 million households while maintaining similar

! The authors are senior research fellow, President, research associate and research assistant at the Philippine
Institute for Development Studies (PIDS). The valuable research assistance of Sherryl Yee also of PIDS is
gratefully acknowledged. The views expressed in this discussion paper are the authors’ own.

2 The Proxy Means Test (PMT) is a statistical model that predicts household welfare (typically per capita income)
using easily observable and verifiable household characteristics such as housing conditions, asset ownership,
demographic composition, and education levels. The model's coefficients are estimated using regression
analysis of household survey data, typically the Family Income and Expenditure Survey (FIES). The resulting
formula assigns weights to different household characteristics, producing a score that approximates household
welfare without directly measuring income or expenditure, which can be difficult to verify in developing

country contexts.



poverty identification levels (DSWD 2019). This evolution demonstrates both the system's
growing sophistication and the persistent challenges in poverty targeting.

Regular assessment of targeting accuracy and beneficiary verification remains crucial for
maintaining program integrity and public confidence. While the PMT is widely accepted
globally as an effective method for identifying potential beneficiaries of social protection
programs (Klasen and Lange 2015, Brown, Ravallion and van de Walle 2016), it inherently
involves some degree of targeting error due to its reliance on proxy indicators rather than direct
income measurement.

The evolution of targeting accuracy in the 4Ps program reflects both technological
improvements and learning from implementation experience. Early assessments of the first
Listahanan PMT model (2009-2011) found inclusion errors of 22-25% and exclusion errors
of 31-35% (Fernandez 2008). These rates, while comparable to international standards for
similar programs, prompted significant methodological refinements. The second round of
Listahanan (2015) introduced improved statistical techniques and additional proxy indicators,
reducing inclusion errors to 11-13% and exclusion errors to 7-19% (Mapa and Albis 2013).
These improvements placed the Philippines' targeting system among the more effective ones
in developing countries, though challenges remain in maintaining targeting accuracy over time
and across different geographical contexts.

The Commission on Audit has raised concerns about potential leakages to non-poor households
in various reports (COA reports 2011-2016), highlighting the importance of careful
examination of the program's targeting mechanisms. While perfect targeting may be
unrealistic, regular assessment of targeting accuracy and beneficiary verification remains
crucial for maintaining program integrity and public confidence.

This study responds to the verification mandate established under Republic Act 11310,
conducting the first comprehensive assessment of 4Ps beneficiary targeting since the program's
institutionalization. The study addresses three fundamental questions:

1. How effectively does the current targeting system identify and reach poor households?
What patterns of inclusion and exclusion errors exist across different geographic and
demographic contexts?

3. How accurately does the program maintain beneficiary information over time?

The analysis employs a mixed-methods approach, combining quantitative assessment of
targeting accuracy with detailed verification of beneficiary information. This dual focus allows
for both broad evaluation of targeting effectiveness and granular analysis of data quality issues
that may affect program implementation.

1.1. Policy Issue and Research Questions

The central policy question this study addresses is whether the 4Ps effectively targets and
reaches its intended beneficiaries as designed by the program. This broad inquiry aligns with
international research on targeting effectiveness in conditional cash transfer programs. The
study examines several specific dimensions: the accuracy and currency of beneficiary registry
information, the effectiveness of the program's targeting system in identifying poor households,
the rates and patterns of inclusion and exclusion errors, and the key factors contributing to
targeting errors. Understanding these elements is crucial for developing targeted improvements



in program implementation, particularly given the significant challenges documented in similar
programs globally Specifically, the study seeks to answer:

1. How accurate and up-to-date is the information contained in the 4Ps beneficiary
registry?

2. How effective is the program's targeting system in identifying and reaching poor
households?

3. What are the rates of inclusion and exclusion errors in the current targeting system?

4. What factors contribute to targeting errors and how can these be addressed?

Answering these questions is crucial for developing targeted improvements in program
implementation.

1.2. Study Objectives

This study aims to conduct a comprehensive assessment of the 4Ps beneficiary list through two
complementary analytical components, building on established frameworks for evaluating
social protection programs (Fizbein and Schady 2009). The first component focuses on
verifying the quality and accuracy of information maintained in the program's beneficiary
database, following methodological approaches similar to those used in other large-scale CCT
evaluations (Fernandez 2012; Velarde 2018).

The second component involves a quantitative assessment of how effectively the program
identifies and reaches poor households - its intended beneficiaries. This assessment employs
statistical modeling techniques established in the targeting literature (Sebastian et al. 2018) to
evaluate the accuracy of the proxy means test in predicting household poverty status.
The analysis examines both inclusion and exclusion errors in the targeting system, considering
both the technical aspects of the targeting model and its practical implementation challenges
(Kidd et al. 2017).

Through these complementary objectives, the study seeks to provide actionable insights for
improving both the administrative accuracy of the program's beneficiary management system
and the effectiveness of its targeting mechanisms. This dual focus reflects the complexity of
implementing large-scale social protection programs and aligns with international best
practices in program evaluation (Coady et al. 2004). The findings will help program
administrators enhance data quality, refine targeting approaches, and ultimately ensure that
program benefits reach those most in need.

Through these complementary objectives, the study seeks to provide actionable insights for
improving both the administrative accuracy of the program's beneficiary management system
and the effectiveness of its targeting mechanisms. The findings will help program
administrators enhance data quality, refine targeting approaches, and ultimately ensure that
program benefits reach those most in need. This assessment is particularly timely given the
program's continued expansion and the government's ambitious poverty reduction targets.

The study's dual focus on data quality and targeting effectiveness reflects the complexity of
implementing large-scale social protection programs and the importance of robust systems for
both beneficiary identification and information management. By examining both aspects, the
research will contribute to the broader understanding of how conditional cash transfer programs



can more effectively serve their intended beneficiaries while maintaining programmatic
integrity.

1.3. Organization of the Paper

This paper is organized into six main sections that systematically address both theoretical and
empirical aspects of targeting effectiveness and beneficiary verification. Following this
introduction, Section 2 presents a comprehensive review of related literature, examining the
theoretical foundations of targeting in social protection programs and empirical evidence from
similar programs globally. The review synthesizes international experiences with proxy means
testing, previous assessments of the 4Ps program, and broader studies on targeting
effectiveness in conditional cash transfer programs.

Section 3 details the study's methodology, describing the conceptual framework that guides the
analysis and the mixed-methods approach employed to assess both targeting effectiveness and
data accuracy. This section elaborates on the sampling design, data collection methods, and
analytical techniques used to evaluate the program's beneficiary list and targeting performance,
drawing on established methodological frameworks.

Section 4 presents the empirical findings from both components of the study, organizing results
to facilitate clear policy implications. The first part reports on the verification of beneficiary
information, highlighting patterns in data discrepancies or information gaps. The second part
provides a quantitative analysis of targeting effectiveness, including estimates of inclusion and
exclusion errors and their implications for program coverage, contextualized within
international benchmarks.

Section 5 synthesizes the empirical findings and discusses their implications for program
implementation and policy development. This section examines how the results can inform
improvements in beneficiary targeting, data management systems, and overall program
administration. Drawing on experiences from other countries' CCT programs and considering
the Philippines' unique context, the discussion places findings within the broader framework
of the government's poverty reduction strategy and social protection goals.

The paper concludes with Section 6, which summarizes key findings and provides specific,
actionable recommendations for enhancing both the accuracy of beneficiary information and
the effectiveness of targeting mechanisms. This section synthesizes lessons learned from the
analysis while identifying priority areas for future research and monitoring, aligned with
emerging international best practices in social protection programming.

Each section builds on the previous ones to provide a comprehensive assessment of the 4Ps
beneficiary list's veracity while maintaining focus on the practical implications for program
improvement and policy development.

2. Review of Related Literature

The effective targeting of social protection programs represents a critical challenge in poverty
reduction efforts, particularly in developing countries where administrative capacity and
resources are often constrained. This review examines four key strands of literature relevant to



assessing the veracity of beneficiary lists and targeting effectiveness in social protection
programs, with particular attention to the Philippine context.

2.1. Targeting in Social Protection Programs

The foundational literature on targeting mechanisms in social protection programs establishes
both theoretical justification and practical challenges. Coady et al. (2004) demonstrate that
targeting allows programs to concentrate resources on those most in need, potentially achieving
greater poverty reduction than universal programs with the same budget. However, this
theoretical advantage must be weighed against administrative costs and potential errors
inherent in targeting systems. Pritchett (2005) further highlights how public support for social
protection programs often depends on perceived targeting accuracy, making the verification of
beneficiary lists politically as well as administratively important.

Devereux et al. (2017) identify two fundamental types of targeting errors: inclusion errors
(leakage) and exclusion errors (undercoverage). These errors can occur due to both design
features of targeting mechanisms and implementation challenges. The authors emphasize that
while perfect targeting may be theoretically desirable, the costs of achieving it often outweigh
the benefits. This creates what they term the "targeting dilemma" - the trade-off between
accuracy and cost-effectiveness.

Political economy considerations also influence targeting decisions. Pritchett (2005) argues
that public support for social protection programs often depends on perceived targeting
accuracy, making the verification of beneficiary lists politically as well as administratively
important. However, Kidd and Wylde (2011) caution that excessive focus on eliminating
leakage can lead to complex targeting systems that may inadvertently exclude eligible
beneficiaries.

2.2. The Proxy Means Test (PMT) Approach

The specific literature on proxy means testing as a targeting tool reveals both its potential and
limitations in developing country contexts. Grosh and Baker (1995) provide the seminal
analysis demonstrating the effectiveness of PMT in identifying poor households when direct
income measurement is impractical. A PMT essentially is a statistical methodology that
estimates household welfare without directly measuring income (or consumption). It employs
regression analysis and related statistical techniques to predict household income using various
observable characteristics that correlate with welfare status. The inherent limitations of PMT
have been subject to increasing scrutiny. Kidd et al. (2017) analyze PMT targeting errors across
multiple countries, finding that built-in statistical errors and implementation challenges can
lead to significant exclusion of eligible households. They argue that these errors are not merely
technical issues but reflect fundamental limitations in predicting household welfare through
proxy indicators.

Recent methodological innovations have attempted to address these limitations. Brown et al.
(2016) demonstrate how machine learning techniques can improve PMT accuracy, though they
note that significant targeting errors persist even with advanced methods. Sebastian et al.
(2018) emphasize the importance of regular model updates and validation to maintain targeting
effectiveness over time.



The DSWD's implementation of PMT begins by calibrating the model using the Family Income
and Expenditure Survey (FIES) data, which provides the official income measurements for
poverty statistics. This calibrated model is then applied to the broader Listahanan dataset to
predict household welfare levels.

The operational process involves several steps: First, the model generates a means of predicting
household per capita income (or a function of it) based on observable characteristics. Estimates
of per capita incomes are compared against province-specific urban/rural poverty thresholds
to classify households as either poor or non-poor. The non-poor category is further subdivided,
with households whose predicted income falls within 10% above the poverty line classified as
"near-poor."

The PMT models face inherent limitations in their predictive accuracy. These targeting errors
manifest in two ways: inclusion errors (incorrectly classifying non-poor households as poor)
and exclusion errors (failing to identify genuinely poor households). The fundamental
challenge lies in the trade-off between these error types - attempts to reduce exclusion errors
typically result in increased inclusion errors, and vice versa.

The accuracy limitations of PMT models stem from both methodological and data-related
constraints. A key methodological challenge arises from the regression-based approach itself,
which tends to perform less reliably at the extremes of the income distribution. By design,
regression models optimize around mean values, leading to potential overestimation of welfare
for the poorest households and underestimation for the wealthiest. Additionally, the
effectiveness of PMT depends heavily on selecting variables that meaningfully correlate with
household welfare. When certain indicators become nearly universal (such as mobile phone
ownership), their discriminatory power as poverty predictors diminishes significantly.

The evolution of the PMT methodology in the Philippines represents a significant advancement
in targeting technology. While the first-generation model relied primarily on basic household
characteristics (Fernandez 2012), subsequent iterations have incorporated increasingly
sophisticated elements. The second-generation PMT, developed in 2014, introduced
community-level variables and differentiated urban-rural specifications (Mapa and Albis
2013), recognizing the distinct nature of poverty in different contexts. Further it uses a more
complex two-step approach, it is somewhat related to a regression on the lower half of the per
capita income distribution. The first PMT model used by DSWD is a simpler approach that
offers greater flexibility, particularly in accommodating different near-poor threshold
definitions beyond DSWD's standard 10% margin. Drawing from experiences in other
countries (Brown et al. 2016), DSWD refined its targeting approach in the third round of
Listahanan by improving variable selection methods and developing more robust procedures
for handling missing data (DSWD 2019). This evolution in targeting methodology mirrors
advancements seen in other developing countries (Grosh et al. 2022) while incorporating
lessons from Philippine implementation experience

The PMT's effectiveness in the Philippine context must be understood within the broader
landscape of targeting approaches. While means testing might theoretically provide more
accurate targeting, its high administrative costs and implementation challenges make it
impractical for large-scale programs in developing countries. Similarly, while community-
based targeting can leverage local knowledge, it may be subject to capture by local elites or
reinforce existing social biases. The PMT approach represents a practical compromise, offering
reasonable targeting accuracy while maintaining administrative feasibility and objectivity.



2.3. Assessment of Targeting Performance

Methods for assessing targeting performance have evolved from simple coverage analysis to
more sophisticated approaches. Fizbein and Schady (2009) establish a comprehensive
framework for evaluating targeting effectiveness in conditional cash transfer programs,
considering both quantitative measures of targeting accuracy and qualitative aspects of
implementation.

In the Philippine context, Reyes et al. (2013) provide a detailed analysis of 4Ps targeting
performance using the Annual Poverty Indicators Survey. Their findings show strong
progressive targeting, with benefits concentrated among lower income deciles, though some
leakage to higher income groups exists. Acosta and Velarde (2015) place these results in
international context, demonstrating that 4Ps targeting performance compares favorably with
other major CCT programs.

Recent methodological advances have expanded the toolkit for targeting assessment. Coady et
al. (2004) developed the widely-used Coady-Grosh-Hoddinott indicator for comparing
targeting across different programs and contexts. Alatas et al. (2016) introduce innovative
methods for assessing targeting accuracy through community-based verification, providing
insights into how local knowledge can complement formal targeting mechanisms.

2.4. Previous Veracity Checks and Program Assessments

The Philippines has undertaken various efforts to verify beneficiary information and assess
targeting accuracy in the 4Ps program. DSWD's internal verification processes, documented
by Fernandez (2012), include systematic checks for duplicate entries and regular validation
through the program's grievance redress system. These mechanisms have helped identify and
correct various types of targeting and registration errors.

Commission on Audit reports (2011-2016) have highlighted both successes and challenges in
maintaining accurate beneficiary lists. Their assessments typically focus on three areas:
verification of poverty status through household visits, identification of duplicate entries in
payment records, and validation of basic beneficiary information. These external audits provide
valuable insights into practical challenges in beneficiary list maintenance.

Recent technological innovations have created new opportunities for improving verification
processes. The World Bank (2018) documents how improvements in database management
and the introduction of the National ID system could enhance beneficiary verification.
However, they note that technological solutions must be balanced with practical
implementation constraints at the local level.

Process implementation research by Albert and Dacuycuy (2017) provides important insights
into how targeting and verification processes work in practice. Their findings emphasize the
importance of local capacity in maintaining accurate beneficiary information and suggest that
verification processes must be sensitive to local contexts and constraints.

These previous assessments collectively highlight both the importance of regular beneficiary
verification and the challenges involved in maintaining accurate targeting systems. They also
demonstrate the evolution of verification approaches from simple administrative checks to
more comprehensive assessments of targeting effectiveness.



3. Study Methodology

This study employs a comprehensive methodological approach that combines quantitative and
qualitative techniques to assess both the accuracy of the 4Ps beneficiary list and the
effectiveness of its targeting system. The methodology draws on established frameworks for
assessing targeting effectiveness (Sebastian et al. 2018) while incorporating innovative
approaches to information verification. This mixed-methods design reflects the complex nature
of beneficiary targeting and verification, requiring both statistical measurement of targeting
effectiveness and detailed examination of data quality issues.

3.1. Conceptual Framework

The study's analytical framework addresses two distinct but interrelated aspects of program
veracity: targeting effectiveness and information accuracy. For assessing targeting
effectiveness, we adopt the framework developed by Sebastian et al. (2018), which examines
the relationship between predicted and actual household welfare status. This approach
identifies two critical types of targeting errors:

e exclusion errors, where poor households are incorrectly excluded from the program,
and
e inclusion errors, where non-poor households are incorrectly included.

For the former, a useful summary measure is Type 1 Error: The proportion of poor households
incorrectly excluded from the program, calculated as:

Number of poor households not identified as beneficiaries

T 1E =
ype 1 Ltrror Total poor households

while the corresponding summary for the latter is Type 2 Error: The proportion of non-poor
households incorrectly included in the program, computed as:

Number of nonpoor households identified as beneficiaries

Type 2 Error = Total poor households

While both types of errors affect program effectiveness, they have different implications for
resource utilization and poverty impact. Exclusion errors directly undermine the program's
ability to reach intended beneficiaries, while inclusion errors represent inefficient use of
program resources that could otherwise benefit poor households.

In this study, targeting performance is assessed based on the ability of the targeting system to
correctly identify the target beneficiaries of the program. While the authors of this study do not
have the PMT models used by DSWD, an alternative set of PMT models can be used to assess
targeting effectiveness. An illustration of the framework of analysis is shown in Figure 1.



Figure 1. Assessing the performance of targeting programs

Selection A
criterion
(PMT score)

POOR NON-POOR

POPULATION
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Exclusion BENEFICIARIES
(Type I)
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(Type If)
Errors
BENEFICIARIES
Poverty line Welfare level

Source: Sebastian, et al. 2018

The illustration juxtaposes the eligibility of a household based on the predicted welfare level
(or destitution) and the actual welfare of the household. The inability of a targeting model to
correctly identify the target beneficiaries is presented as two types of errors. The measurement
of these errors are also shown in Table 1.

Table 1. Type of targeting errors
Predicted poverty status based on PMT

Non-Poor Poor Total

2 | Non-Poor A B C
:f'g' Success rate in identifying | Inclusion error = B/H
g non poor = A/G
g
3 Poor D E F
= Exclusion error Success rate in
g =D/F identifying poor = E/H
<

Total G H

Source: Adapted from IFPRI 2000 as cited in Fernandez (2008)

The interpretation of targeting errors requires careful consideration of measurement timing and
welfare dynamics. Given that targeting assessments often compare current welfare status
against previous targeting decisions, some apparent "errors" may reflect legitimate changes in
household circumstances rather than targeting failures. This is particularly relevant in the
context of economic shocks like the COVID-19 pandemic, which may have significantly
altered household welfare trajectories. Additionally, the relative costs of inclusion and
exclusion errors may vary depending on program objectives and budget constraints. While
inclusion errors represent inefficient use of resources, exclusion errors directly affect program
effectiveness in reaching intended beneficiaries.



The assessment of targeting effectiveness must thus also consider the dynamic nature of
poverty and the limitations of point-in-time measurements. Household welfare can fluctuate
significantly over time, particularly in the context of economic shocks or seasonal variations.
This temporal dimension of poverty measurement adds complexity to targeting assessments,
as apparent targeting errors may actually reflect legitimate changes in household circumstances
rather than systemic failures. The validation exercise must therefore carefully consider the
timing of different measurements and the potential impact of intervening events on household
welfare status. This dynamic perspective is particularly relevant in the Philippine context,
where recent events such as the COVID-19 pandemic have significantly altered poverty
trajectories for many households.

The assessment of targeting effectiveness must carefully consider the dynamic nature of
poverty and the limitations of point-in-time measurements. As emphasized by Kidd and Wylde
(2011), household welfare can fluctuate significantly over time, particularly in the context of
economic shocks or seasonal variations. This temporal dimension adds complexity to targeting
assessments, as apparent targeting errors may actually reflect legitimate changes in household
circumstances rather than systemic failures.

3.2. Research Design

The study implements a mixed-methods approach that combines quantitative analysis of survey
data with qualitative assessment of information accuracy. Drawing on methodological
frameworks established by Fiszbein and Schady (2009), this design choice reflects the complex
nature of beneficiary targeting and verification, requiring both statistical measurement of
targeting effectiveness and detailed examination of data quality issues.

The primary data collection centers on a nationally representative survey of 3,000 households,
carefully structured to include both program beneficiaries and non-beneficiaries of the 4Ps.
This survey, conducted by the Social Weather Stations (SWS), provides the empirical
foundation for assessing targeting accuracy while simultaneously generating current household
information for verification against program records. Following sampling approaches
recommended by Coady et al. (2004), the sample is distributed across 300 barangays in four
major regions of the Philippines: National Capital Region (NCR), Balance Luzon, Visayas,
and Mindanao.

The household survey implementation incorporates comprehensive quality control measures
throughout the data collection process, building on best practices identified by Alatas et al.
(2016). At its foundation is an extensive SWS enumerator training program that includes mock
interviews and field practice sessions to ensure consistent data collection standards. During
field operations, the survey employs real-time data validation through Computer-Assisted
Personal Interviewing (CAPI) technology, allowing immediate identification and correction of
potential errors. Quality control continues through daily field team debriefings where
implementation challenges are discussed and addressed promptly. Regular coordination
meetings between PIDS, SWS, and DSWD field offices ensure alignment of field operations
with study objectives and maintenance of data quality standards. Throughout the process,
systematic documentation of field challenges and their solutions provides valuable reference
material for addressing similar issues in future survey rounds and improving data
collection protocols.
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Complementing the household survey, a comprehensive barangay-level survey collects
community characteristics data from all sample areas. This additional data source serves
multiple purposes: it provides contextual information for understanding targeting outcomes,
validates community-level data used in the targeting system, and offers insights into local
factors that may influence both targeting effectiveness and information accuracy.

3.3. Sampling Design

The study implements a complex two-stage sampling design for the 2024 PIDS-SWS Veracity
Survey to achieve both statistical robustness and operational feasibility across the Philippines'
diverse geographic regions. The first stage employs geographic stratification dividing the
country into four major strata: NCR, Balance Luzon, Visayas, and Mindanao, with 75
barangays selected from each stratum for a total of 300 barangays. This stratification ensures
comprehensive geographic coverage while acknowledging the distinct characteristics of each
region. For areas outside NCR, the design involves randomly selecting 5 municipalities per
region, with 5 barangays selected per municipality. The NCR implementation differs slightly,
with 5 cities selected and 15 barangays chosen from each city, reflecting the unique urban
dynamics of the capital region.

The second stage of the sampling process focuses on household selection, with ten (10)
households selected per barangay - equally divided between five (5) 4Ps beneficiaries and five
(5) non-beneficiaries. The sampling frame primarily utilizes the Listahanan 1 database,
supplemented with updates from newer Listahanan rounds to ensure current coverage. The.
survey design informed the generation of household survey weights that were, in turn, used for
the data analytics.

The implementation faced significant challenges, as evidenced by a 30.7% replacement rate
across the sample. This high replacement rate raises important methodological considerations
about potential selection bias, aligning with challenges documented in similar large-scale
targeting assessments (Kidd et al. 2017). A detailed examination of household replacement
reasons, available in the call list data of SWS, provides important context for interpreting the
consistency metrics. In particular, relocations outside sample barangays necessitated
replacements, systematically excluding cases that would have shown address discrepancies.
This selection effect should be considered when interpreting the high location consistency rates
reported in Section 4.

The replacement challenges encountered during implementation highlight several critical
issues for future consideration. First, the high replacement rate stems from multiple factors
including urban household mobility, outdated address information, difficulties locating MCCT
beneficiaries, and weather-related accessibility issues. Second, the lack of standardized
replacement procedures and time constraints in verifying replacement household eligibility
may have introduced systematic differences between the original and replacement samples.
These challenges necessitate careful statistical adjustments in the analysis, including
appropriate weighting procedures and thorough documentation of replacement characteristics.

Looking forward, several improvements could enhance future implementations of similar
surveys. These include more frequent updates to beneficiary databases, better documentation
of household locations, and potential integration with the national ID system when available.
Additionally, developing clearer guidelines for replacement selection, implementing stricter
documentation requirements, and establishing maximum replacement thresholds could help
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maintain sample integrity. Operational improvements such as allocated time for household
tracking and stronger coordination with local officials would also benefit future survey
implementations.

3.4. Data Collection Methods

The study employed an integrated data collection approach that merged field-based primary
data collection with comprehensive administrative data verification. Primary data collection
involves carefully designed and tested survey instruments, implemented by trained field
personnel following standardized protocols. The household survey instrument captures detailed
information on household composition, socioeconomic characteristics, program participation,
and welfare indicators. Field operations follow systematic procedures for community entry,
respondent selection, and quality control, with particular attention to minimizing non-response
and ensuring data accuracy.

The household survey implemented by SWS employs Computer-Assisted Personal
Interviewing (CAPI) technology to minimize data entry errors and enable real-time quality
control. The survey team includes experienced field supervisors who conduct random spot
checks and back-checking of completed interviews. To ensure high response rates, the study
employs careful protocols for replacing non-responding households, including up to three visit
attempts at different times of day before considering replacement.

The implementation of the verification survey by SWS incorporates several innovative
elements that enhance data quality and reliability. The use of CAPI technology not only
minimizes data entry errors but also enables sophisticated skip patterns and real-time validation
checks that improve data consistency. The survey platform includes built-in GPS tracking to
verify interview locations and timing, adding an additional layer of quality control. Field teams
operate under a rigorous supervision structure, with each supervisor responsible for no more
than five enumerators to ensure adequate oversight.

The survey implementation required distinct protocols for urban and rural contexts. Urban
protocols emphasized early morning and evening interview schedules to reach working
households, along with weekend availability. Rural protocols focused on community
mobilization through barangay officials and efficient routing to minimize travel time in remote
areas. The survey instrument itself underwent extensive pilot testing to ensure cultural
appropriateness and clarity across different regional contexts. Translation into major regional
languages was conducted through a rigorous forward-and-backward translation process to
maintain consistency of meaning.

Secondary data sources play a crucial role in the verification process. The study draws on
multiple administrative datasets including the 4Ps beneficiary database, payment and
compliance records, and grievance documentation. These are supplemented by national data
from the Family Income and Expenditure Survey (FIES), conducted by the Philippine Statistics
Authority (PSA). Additional reference materials include previous assessment reports, audit
findings, and program policy documents, providing important context for interpreting results.

3.5. Survey Implementation Challenges

As reported by SWS to PIDS, the survey encountered three distinct categories of
implementation challenges that align with difficulties documented in similar targeting
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assessments (Alatas et al. 2016). Geographic and mobility challenges significantly impacted
field operations, particularly in informal urban settlements where beneficiary tracking proved
difficult. Many Modified Conditional Cash Transfer (MCCT) beneficiaries had relocated or
maintained irregular residential patterns, requiring extensive coordination with community
leaders and multiple visit attempts. In rural areas, the challenges centered more on physical
access, with some communities requiring several hours of travel on foot or boats.

Second, respondent engagement presented unique difficulties across different contexts. Urban
respondents often expressed survey fatigue, citing multiple recent government surveys. Rural
respondents sometimes showed initial hesitation due to security concerns, requiring additional
time for community trust-building. The length of the questionnaire (averaging 48.9 minutes)
also posed challenges for maintaining respondent engagement, particularly among working
households.

Third, verification challenges emerged when reconciling field data with administrative records.
Discrepancies in household member information, particularly regarding children's school
enrollment and health check-ups, required careful cross-validation. The dynamic nature of
household composition, with members moving between households or migrating for work,
complicated the verification of beneficiary status and compliance with program conditions.

3.6. Analytical Methods

The study employs a multi-dimensional analytical framework to assess both targeting accuracy
and information veracity. The analysis is structured around three key components: beneficiary
information verification, targeting effectiveness assessment, and distributional analysis.

The beneficiary information verification component examines the consistency between survey
data and administrative records across multiple dimensions. This analysis focuses on two types
of information: static characteristics (such as birthdate, gender) and dynamic characteristics
(such as educational attainment, employment status). The verification process employs a
systematic scoring approach that categorizes discrepancies by severity and type, allowing for
differentiation between minor inconsistencies and major discrepancies that could affect
targeting decisions.

The targeting effectiveness assessment involves both replication and validation of the PMT
approach. First, the study attempts to replicate the original PMT classifications using current
household characteristics to understand how household welfare status may have changed over
time. Second, it evaluates current targeting accuracy by comparing predicted poverty status
against actual household conditions. This dual approach helps distinguish between initial
targeting errors and changes in household circumstances over time.

The distributional analysis examines how targeting performance varies across different
subgroups and geographic areas. This includes analysis of inclusion and exclusion errors
by region, urbanity, and household characteristics. Special attention is given to understanding
systematic patterns in targeting accuracy that could inform improvements in the
targeting system.

The analytical methods incorporate several innovative elements to address data limitations:

e Development of matching algorithms to link household records across datasets without
requiring names
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o Implementation of sensitivity analyses to understand how different assumptions about
household changes affect targeting accuracy estimates

Statistical analysis employs a combination of descriptive and inferential techniques.
Descriptive statistics and cross-tabulations provide insights into basic patterns of targeting
accuracy and information consistency. The statistics generated from surveys involve using
sampling weights. Quality control in the analysis includes extensive robustness checks and
sensitivity analyses to ensure findings are not driven by particular analytical choices or
assumptions. Results are validated through multiple approaches, including comparison with
other studies and consultation with program implementers to ensure findings align with
operational realities.

3.7. Ethical Considerations

The study implements comprehensive ethical safeguards to protect respondent rights and
ensure responsible data management. All participants provide informed consent following
detailed explanation of the study's purpose and their rights as respondents. This includes clear
communication about voluntary participation, the right to skip questions or withdraw from the
study, and assurances of confidentiality.

Data protection measures include secure storage protocols, systematic anonymization
procedures, and strict access controls. These safeguards apply to both primary data collected
through surveys and any administrative data used in the verification process. The research team
follows established ethical guidelines for social science research while maintaining compliance
with relevant privacy laws and regulations.

3.8. Limitations of the Study

A critical limitation of this study stems from the substantial temporal gap between the
Listahanan rounds and the verification survey. The most recent Listahanan data was collected
five years prior to this verification study, creating significant challenges in tracking and
verifying household circumstances. This extended time period saw substantial changes in
household composition, economic conditions, and living arrangements, particularly given the
intervening impact of the COVID-19 pandemic. The temporal distance makes it difficult to
distinguish between targeting errors and legitimate changes in household circumstances over
time.

A second major limitation involves data privacy restrictions that significantly constrained the
verification process. The study team was not granted access to household member names from
the Listahanan database, including household heads, due to privacy protection protocols. This
limitation severely impacted the ability to match and verify individual-level characteristics
across datasets. The inability to directly match household members made it particularly
challenging to validate changes in household composition, educational attainment, and other
key targeting variables.

Operational constraints further complicated the verification process. Geographic challenges,
particularly in remote areas and informal urban settlements, affected the ability to locate and
track households. Resource limitations necessitated a focus on selected regions rather than
complete national coverage. Additionally, recall bias emerged as a significant concern when
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respondents were asked about historical household circumstances that would have been
relevant during the original Listahanan assessment.

While the study implemented various methodological strategies to address these limitations,
the fundamental challenges of temporal distance and data privacy restrictions impact the
interpretation of results. These constraints suggest that verification studies of targeting systems
should ideally be conducted within a shorter time frame after the original assessment, and that
data sharing protocols need to balance privacy protection with verification requirements.
Future studies would benefit from establishing clearer protocols for longitudinal tracking of
beneficiary households and developing methods for anonymous matching of individual-level
data across different administrative databases.

4. Empirical Findings
4.1. Basic Information Consistency Analysis

The assessment of information consistency between 2024 survey data and the original
Listahanan records (2008/2009) reveals expected deterioration in data veracity over the 15-
year period (from the time when Listahanan 1 was conducted to the current year when the
Veracity Survey was conducted by PIDS and SWS). As shown in Table 2, while relatively
static information like household address maintains surprisingly high consistency (99.2%), this
likely reflects the stability of physical locations rather than data quality. The high consistency
rate observed for household addresses (99.2%) warrants careful interpretation. This figure
likely reflects two key methodological aspects rather than purely data quality: First, the survey's
replacement protocol required interviewers to replace households that had moved outside the
sample barangays, effectively filtering out location discrepancies by design. Second, location
data for 4Ps beneficiaries had been previously updated using 2022 administrative data, meaning
the reference data itself incorporated more recent location information. These factors suggest
the address consistency metric may overstate the actual stability of household locations over
the full period since the original Listahanan data collection. The low consistency rates for
household head age (57%) and sex (55.2%) are particularly telling - these discrepancies likely
reflect both actual changes (deaths, marriages, household splits) and cumulative recording
errors over the extended period.

Table 2. Consistency of Basic Household Information by Areas

Information Field Overall NCR Balance Visayas Mindanao
Consistency (%) (%) Luzon (%) (%) (%)
Household Head Age 57.0 61.0 61.0 61.0 49.0
Household Head Sex 55.2 52.4 59.0 49.3 55.2
Household Address 99.2 95.4 99.2 99.6 99.5
Household Size 74.9 62.3 77.2 67.5 78.8
Household Head 37.7 32.7 36.1 35.2 41.9
Marital Status
Water Source of the 69.6 67 81.2 69.1 55.9
Household
Toilet Facility of the 53.8 72.4 58.7 63.1 38.9
Household
Number of Household 67.1 72.3 57.5 67.8 78.0
Assets

Source: 2024 Listahanan Veracity Survey, PIDS and SWS
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4.1.1 Interpreting Information Inconsistencies

The 15-year gap between original data collection and verification provides important context
for the observed consistency patterns in Table 2. Water source information's moderate
consistency (69.6%) and toilet facility information's low consistency (53.8%) likely reflect
both actual infrastructure improvements over the period and changes in household
circumstances. The regional variations - from 81.2% consistency for water sources in Balance
Luzon to 55.9% in Mindanao - may indicate different rates of infrastructure development
across regions rather than just data quality issues. The apparent data inconsistencies in
household information between 2009-2024 can often reflect genuine demographic and
socioeconomic transitions rather than data errors (see Box 1).

Box 1. Understanding Basic Data "Inconsistencies" (2009-2024)

The case of Household ID 050518003-8892-00035 demonstrates how inconsistencies reflect
legitimate household transitions. This household underwent significant changes between
2009 and 2024, including migration from Region V to NCR, a change in household headship
from female to male, with head's age progressing from 34 to 50. The household moved from
unemployment to being employed in Industry. While family size stayed at 7 members (though
recorded as 11 in Listahan 3), this demographic stability contrasts with other major
transitions.

Indicator Listahanan 1 Listahanan 3 2024 Veracity Survey
Household Head Sex | Female Male Male

Household Head Age | 34 49 50

Family Size 7 11 7

Region Region V — Bicol Region NCR NCR

Household Head | Unemployed Employed (Industry) Employed (Industry)

Employment Status
(and Sector)

Household Head | Secondary Education Primary Education Primary Education
Educational
Attainment

Household ID 015516005-3082-00014 shows different patterns of mobility. This household
moved from Region 1 to Region 3, while the household head aged from 36 to 50 years.
Employment shifted from agriculture to unemployment, reflecting broader economic
changes. The household's size increased from 6 to 9 members, indicating substantial
demographic change.

Indicator Listahanan 1 Listahanan 3 2024 Veracity Survey
Household Head | Male Male Male

Sex

Household Head | 36 46 50

Age

Family Size 6 5 9
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Region Region I — Ilocos Region Region 3 — Central Luzon Region 3 — Central Luzon

Household Head | Employed (Agriculture) Employed (Services) Unemployed
Employment Status
(and Sector)

Household Head | Primary Education Primary Education Primary Education
Educational
Attainment

The cases in Box 1 demonstrate how households experience significant changes over the 15-
year period, including internal migration (e.g., rural-urban movement), changes in household
headship, and employment transitions. These patterns suggest that what might appear as data
inconsistencies actually capture the dynamic nature of household evolution in response to
economic opportunities and family circumstances.

4.1.1. Urban-Rural Information Patterns

The urban-rural differentials in information consistency (Table 3) must be interpreted within
the context of different development urban-rural trajectories since 2008/2009. Rural areas'
higher consistency in household size (75.5% vs 71.9%) and household assets (68.2% vs 61.5%)
likely reflects greater stability in these communities over the 15-year period. Conversely, urban
areas' better consistency in infrastructure indicators (water source: 76.9% vs 68.3%) may
indicate earlier achievement of stable service provision rather than superior data maintenance.
The particularly low consistency in urban marital status (30.8% vs 38.9% rural) likely reflects
higher population mobility and household restructuring in urban areas over the period.

Table 3. Consistency of Basic Household Information by Urban/Rural Location

Information Field Overall Urban (%) Rural (%)
Consistency (%)

Household Head Age 56.9 58.9 56.5
Household Head Sex 55.1 59.2 54 .4
Household Address 99.2 98.5 99.3
Household Size 74.9 71.9 75.5
Household Head Marital Status 37.7 30.8 38.9
Water Source of the Household 69.6 76.9 68.3
Toilet Facility of the Household 53.8 63.1 521
Number of Household Assets 67.1 61.5 68.2

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

4.1.2. Beneficiary Status and Information Quality

The comparison between information consistency of 4Ps beneficiary households and non-
beneficiaries (Table 4) takes on new meaning when considering the time span involved. While
both groups show similar address consistency (99-100%), non-beneficiaries' higher
consistency in toilet facilities (68.3% vs 49.6%) and marital status (46.1% vs 35.3%) may
reflect different socioeconomic trajectories since program inception. The lower consistency
among beneficiaries could indicate greater household dynamism enabled by program support
rather than poorer record-keeping.
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Table 4. Consistency of Basic Household Information by 4Ps Beneficiary Status

Information Field Overall 4Ps beneficiary | Non-4Ps beneficiary
Consistency (%) (%) (%)

Household Head Age 56.9 58.1 52.6
Household Head Sex 55.1 56.0 52.1
Household Address 99.2 99.0 100
Household Size 74.9 75.7 72.2
Household Head Marital Status 37.7 35.3 46.1
Water Source of the Household 69.6 68.9 721
Toilet Facility of the Household 53.8 49.6 68.3
Number of Household Assets 67.1 66.8 68.1

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

4.1.3. Education of Household Head

The consistency patterns in educational attainment of household heads (Tables 5-7) must be
viewed given potential changes in household headship between 2008/2009 and 2024. The
varying consistency rates may reflect not just educational advancement or data quality issues,
but entirely different individuals being recorded as household heads. The high consistency for
"No Grade Completed" (96.0%) is particularly interesting in this light - it may indicate that
households where the original head had no education were more likely to maintain the same
head over the 15-year period, possibly due to age or other socioeconomic factors that are
barriers to human capital development. The lower consistency in elementary (57.6%) and
secondary (55.8%) education levels could reflect both and actual educational attainments of

(original) household heads or changes in household headship (e.g., succession from parent
to child).

Table 5. Consistency of Household Head Educational Attainment by Areas

Information Field Overall NCR (%) | Balance Luzon | Visayas (%) | Mindanao
Consistency (%) (%) (%)

No Grade Completed 96.0 100 99.3 98.9 89.5

Elementary 57.6 73.8 63.0 50.3 53.9

Level/Graduate

Secondary 55.8 57.3 55.7 491 60.3

Level/Graduate

Beyond Secondary 83.1 76.3 79.0 80.0 91.2

Level

Overall Educational 73.1 76.9 74.2 69.5 73.7

Status

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

Table 6. Consistency of Household Head Educational Attainment by Urban/Rural
Location

Information Field Overall Consistency (%) Urban (%) Rural (%)
No Grade Completed 96.0 98.8 95.5
Elementary Level/Graduate 57.6 63.0 56.6
Secondary Level/Graduate 55.8 49.9 56.9
Beyond Secondary Level 83.1 79.7 83.7
Overall Educational Status 731 72.8 73.2

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

18



Table 7. Consistency of Household Head Education by 4Ps Beneficiary Status

Information Field Overall Consistency 4Ps beneficiary Non-4Ps
(%) (%) beneficiary (%)
No Grade Completed 96.0 95.6 97.6
Elementary Level/Graduate 57.6 58.1 56.0
Secondary Level/Graduate 55.8 56.4 53.8
Beyond Secondary Level 83.1 86.2 72.3
Overall Educational Status 731 741 69.9

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

The consistency patterns in educational attainment require careful interpretation in light of
documented household transitions (see Box 2).

Box 2. Understanding Dynamic Data "Inconsistencies' (2009-2024)

The experience of Household ID 042103068-5475-00071 demonstrates patterns of upward
socioeconomic mobility. Between 2009 and 2024, this household moved from Region 4A to
NCR, while experiencing occupational advancement from the manufacturing to services
sector. Educational attainment also improved, progressing beyond secondary education. The
household expanded demographically, with family size growing from 5 to 8 members,
suggesting both economic and social advancement.

Indicator Listahanan 1 Listahanan 3 2024 Veracity Survey

Household Head Sex Male Male Male

Household Head Age 39 52 53

Family Size 5 6 8

Region Region V- A — | NCR NCR
CALABARZON

Household Head | Employed — Industry Employed — Services Employed — Services

Employment  Status

(and Sector)

Household Head | Secondary Education Beyond Secondary Education Beyond Secondary

Educational Education

Attainment

Household ID 104215016-1675-00010 presents a different trajectory, reflecting age-related
transitions and possible economic challenges. This household moved from Region 10 to
Region 9, while experiencing an employment transition from work in industry to being
unemployed/out of the labor force, potentially indicating retirement. Education shows an
unusual pattern of decline from secondary to no education, which might reflect data errors,
or a different household head. Family size fluctuated notably, recorded as 9 initially,
dropping to 5 in Listahanan 3, then returning to 9 in the veracity survey.

Indicator

Listahanan 1

Listahanan 3

2024 Veracity Survey

Household Head Sex

Male

Male

Male
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HH Head Age 50 60 65

Family Size 9 5 9

Region Region X—  Northern | Region X — Zamboanga | Region IX —
Mindanao Peninsula Zamboanga Peninsula

Employment Status of | Employed — Industry Employed — Agriculture | Unemployed

HH Head

Education Attainmentof | Secondary Education Primary Education No Education

HH Head

Additional cases documented in the study period show how apparent data inconsistencies
often capture real changes in household composition, location, and economic circumstances
rather than data collection or quality issues.

Cases demonstrate how educational attainment and employment data can change through both
actual educational advancement, job changes or changes in the actual household head. Case 3
shows progression beyond secondary education, while Case 4 reflects potential reporting
differences or changes in household head. These examples illustrate how apparent educational
or employment inconsistencies may reflect genuine household dynamics rather than data
quality issues.

4.1.4. Employment Patterns of Household Heads

The remarkably low employment status consistency (34.8% overall, as shown in Tables 8-10)
takes on new meaning when considering potential changes in household headship. The
variations across sectors - from 77.7% consistency in service sector to 63.6% in agriculture -
may reflect migration of employment from one sector to another or different patterns of
household head succession across occupational groups. Agricultural households, for instance,
might be more likely to experience headship changes due to intergenerational transfer of farm
management, while service sector consistency might reflect greater stability in household
headship. The urban-rural differences in employment consistency (65.5% vs 67.8%) shown in
Table 9 could indicate different patterns of household head succession between urban and rural
areas, with urban areas possibly experiencing slightly more frequent changes in household
headship due to migration, mortality, or other demographic factors, or shifts in employment.

Table 8. Consistency of Household Head Employment Sector by Areas

Sector of Overall NCR (%) | Balance Luzon | Visayas (%) | Mindanao
Employment Consistency (%) (%) (%)
Unemployed/Not Part 57.7 57.9 56.5 52.7 62.5
of the Labor Force

Agriculture 63.6 100 68.9 58.9 55.6
Industry 70.5 52.1 68.2 62.6 81.2
Services 7.7 44.4 77.4 73.6 85.2
Overall Employment 67.4 63.6 67.8 62.0 711
Status

Source: 2024 Listahanan Veracity Survey, PIDS and SWS
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Table 9. Consistency of Household Head Employment Sector by Urban/Rural Location

Sector of Employment Overall Consistency (%) Urban (%) Rural (%)
Unemployed/Not Part of the 57.7 49.9 59.1
Labor Force

Agricultural Sector 63.6 83.1 60.2
Manufacturing Sector 70.5 66.5 71.3
Service Sector 77.7 62.4 80.5
Overall Employment Status 67.4 65.5 67.8

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

Table 10. Consistency of Household Head Employment Sector by 4Ps Beneficiary Status

Sector of Employment Overall Consistency | 4Ps beneficiary (%) Non-4Ps
(%) beneficiary (%)

Unemployed/Not Part of the Labor 57.8 59.3 52.1
Force

Agricultural Sector 63.6 60.4 74.9
Manufacturing Sector 70.5 70.9 69.2
Service Sector 77.7 79.1 73.1
Overall Employment Status 67.4 67.4 67.3

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

The analysis of employment patterns reveals complex transitions documented in Box 2. The
cases demonstrate how employment status changes reflect broader life-cycle and economic
transitions - from sector-to-sector movements (Case 3's manufacturing to services transition)
to labor force exits (Case 4's transition to unemployment). These patterns help explain the
relatively low employment status consistency (34.8% overall) while suggesting that such
"inconsistencies" often capture genuine economic mobility and household adaptation rather
than data problems.

4.2. Assessment of Targeting Effectiveness

4.2.1. Evolution of the Targeting System

The Listahanan's evolution over fifteen years (2008-2024) represents a landmark achievement
in poverty targeting methodology in the Philippines while highlighting persistent challenges in
maintaining targeting accuracy over time. The system's progression through three major
implementation rounds demonstrates both increasing sophistication and adaptation to changing
circumstances. The first round (2009-2011) established the foundational architecture,
successfully reaching 10.9 million households and identifying 5.2 million as poor - a baseline
that would prove crucial for future comparisons. This involved use of a PMT approach to
estimate household per capita income using non-monetary welfare indicators. The second
round in 2015 marked a substantial operational expansion, with coverage increasing to 15.4
million households. Notably, while this round maintained the identification of 5.2 million poor
households, it employed an enhanced PMT model incorporating additional variables and
improved statistical techniques - suggesting potential limitations in the targeting methodology's
sensitivity to changing poverty patterns (since the PMT models for the first and second rounds
were different). The third round (2019-2021) faced unprecedented implementation challenges
due to the COVID-19 pandemic, yet managed to maintain operational continuity while further
refining the targeting methodology - a testament to the system's resilience but also raising
questions about data quality during crisis periods.
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4.2.2. Methodology and Data Collection Evolution

The evolution of Listahanan 's data collection methodology reveals both methodological
refinement and adaptation to implementation realities over the fifteen-year period. The system's
questionnaire underwent significant expansion from 34 questions in 2009 to 52 in 2015, before
being optimized to 50 items in the third round. This evolution reflects a careful balance between
comprehensive data collection and operational feasibility. The current structured approach
across five domains (Identification, Socioeconomic Information, Family Roster, Declaration,
and Certification) enables multi-dimensional poverty assessment while maintaining
standardized data collection protocols.

A particularly notable aspect of the system's evolution is its expanding scope of welfare
indicators. Beyond traditional poverty metrics, the current system captures a broad spectrum
of household characteristics that may influence or reflect welfare status. The incorporation of
overseas worker status and detailed utility access information, for instance, represents an
adaptation to emerging patterns of household economic strategies and changing definitions of
basic needs. This broadened scope, while providing richer data for targeting decisions, also
raises important questions about data quality consistency across different rounds and regions.

4.2.3. Data Collection Scope and Targeting Methodology

The Listahanan 's data collection scope has expanded significantly since its 2009 inception.
Beyond basic identifiers, the system now captures an extensive array of welfare indicators,
ranging from traditional measures (housing characteristics, asset ownership) to more nuanced
indicators of vulnerability (overseas worker status, access to utilities).

This study develops and tests two alternative PMT models (PMT1 and PMT2) to validate and
better understand DSWD's targeting methodology. PMT1 serves as our primary validation tool,
incorporating a comprehensive set of welfare predictors comparable to those used in the official
system making use of a regression of the log of per capita income. PMT2 represents a
methodological variation of PMT1, specifically focused on the bottom half of the income
distribution, to test the theoretical basis for DSWD's evolution toward models emphasizing
reduced exclusion error. Both PMT1 and PMT2 models incorporate an extensive array of
socioeconomic and demographic indicators, carefully selected based on their demonstrated
correlation with household welfare status, as well as the availability across the FIES-LFS
merged dataset, the Listahanan and this study’s survey.

Out PMT model's structure encompasses several key dimensions of household welfare. On the
demographic front, it considers the sex of the household head, the presence of dependents, and
family size (captured through a logarithmic transformation to account for non-linear effects).
Housing conditions form another crucial component, incorporating factors such as house
ownership, building type, and structural quality - specifically examining wall and roof strength,
as well as overall structural integrity. These housing indicators often serve as reliable proxies
for long-term household welfare.

Geographic and spatial considerations play a significant role in the model through variables
capturing urban-rural differences and regional variations (represented by four regional dummy
variables for Metro Manila, balance Luzon, Visayas and Mindanao, since the study’s survey
has a much smaller (sample) size compared to the sample size of the FIES and the size of the
Listahanan ). This spatial dimension is particularly important in the Philippines context, where
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poverty rates and living conditions can vary substantially across regions. The model also places
strong emphasis on access to basic services, including electricity, safe sanitation facilities, and
improved water sources - all of which are fundamental indicators of household living standards.

Economic capacity is captured through multiple angles, including an asset count variable that
likely represents ownership of various household goods and equipment. The model also
incorporates occupational categories, presumably ranging from informal to formal employment
or possibly spanning different sectors of the economy. Educational attainment, broken down
into four levels, serves as a crucial predictor of earning potential and long-term welfare status.

The operational mechanism of the model likely involves assigning weights to each variable
based on their correlation with household welfare, derived from regression analysis using a
reference dataset containing actual income information. These weighted variables are then
combined to produce a composite score that estimates household welfare. This score is
subsequently compared against predetermined thresholds to classify households as either poor
Of NON-poor.

Our development of two alternative PMT models (PMT1 and PMT2) provides crucial insights
into targeting effectiveness over the fifteen-year period. As shown in Table 11, the comparison
between these models reveals fundamental trade-offs in targeting accuracy. PMT]1, our primary
validation model, shows inclusion errors increasing from 20.5% in 2009 to 29.4% in 2015,
while exclusion errors remained relatively stable around 64-65%. PMT2, focused specifically
on the bottom half of the income distribution, demonstrates consistently lower exclusion errors
(59.6% vs 64.0% in 2009) but higher inclusion errors (24.9% vs 20.5%). This trade-off closely
mirrors the evolution of DSWD's own poverty targeting strategy, suggesting that the
institutional preference for minimizing exclusion errors is well-founded in both theoretical and
practical terms.

Table 11. Performance Metrics (in %) of PMT models on FIES2009 and FIES2015

FIES 2009 FIES 2015
Metric PMT1 PMT2 PMT1 PMT2
Inclusion Error 20.5 24.9 29.4 343
Exclusion Error 64.0 59.6 65.3 60.3
Coverage of
Poor 34.7 40.4 347 39.7
Targeting
Accuracy 84.7 84.7 85.1 84.9

Source: FIES2009, FIES 2015
4.2.4. Model Structure and Components

Both PMT1 and PMT2 models integrate multiple dimensions of household welfare through
carefully selected variables drawn from available household surveys. The model structure
incorporates three key components: demographic characteristics (including household
composition and dependency ratios), housing conditions (ownership, building materials,
structural quality), and access to basic services (electricity, water, sanitation). Geographic
factors are captured through urban-rural indicators and regional variables, crucial given the
Philippines' diverse poverty landscape. The models also include economic indicators such as
asset ownership and occupational categories, though these may be particularly sensitive to
changes over time.
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The PMT1 model applies this structure across the full income distribution, while PMT2 focuses
specifically on households in the bottom half of the distribution - a methodological choice
aimed at testing whether targeted focus on poorer households improves identification accuracy.
As shown in Table 11, this structural difference produces significant variations in targeting
outcomes, with PMT?2 achieving lower exclusion errors but higher inclusion errors compared
to PMTI.

4.2.5. Validation Results and Targeting Effectiveness

The comparative analysis of PMT1 and PMT2 performance reveals crucial insights about
targeting accuracy over time. As shown in Table 3, PMTI1's inclusion errors increased from
20.5% to 29.4% between 2009 and 2015, while exclusion errors remained high but stable
(64.0% to 65.3%). PMT2, by focusing on the bottom half of the income distribution, achieved
consistently lower exclusion errors (59.6% in 2009, 60.3% in 2015) but at the cost of higher
inclusion errors (24.9% in 2009, 34.3% in 2015).

The validation analysis using correlation coefficients (Table 12) provides additional evidence
of targeting system performance over time. The correlation between our PMT estimates and
DSWD's PMT income shows systematic decline across Listahanan rounds, from 0.7370 in
Listahanan 1to0 0.5351 in Listahanan 3 for PMT1, and from 0.7312 to 0.4795 for PMT2. This
declining correlation over the fifteen-year period suggests either changing household economic
patterns or evolving relationships between proxy indicators and actual welfare status.

Table 12. Correlation of DWSD PMT Income with PMT1 and PMT2 Income across
Listahanan Rounds

Listahanan 1 Listahanan 2 Listahanan 3
PMT1 Per Capita 0.7370 0.6611 0.5351
Income
PMT2 Per Capita 0.7312 0.6104 0.4795
Income

Source: Listahanan anl, Listahanan an2, Listahanan an3, DSWD

Figure 2 presents a visualization of the distribution of households deemed non-poor by DSWD
and those considered poor across the three rounds of Listahanan illustrating the relatively good
matching of income estimates.
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Figure 2. PMT1 Per Capita Income Distribution of Listahanan Households by DSWD
PMT Poverty Status
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4.2.6. Distribution Analysis and Current Coverage

Analysis of current beneficiary distribution, as presented in Table 13, reveals both
achievements and persistent challenges in program coverage. The concentration of
beneficiaries in lower income deciles demonstrates progressive targeting - 48.0% of
beneficiaries fall within the bottom two deciles, and 66.6% within the bottom three deciles.
However, the data also reveals concerning exclusion patterns: 8.54% of non-beneficiary
households are found in the poorest decile, and 25.07% in the bottom two deciles combined.
These exclusion patterns persist despite fifteen years of program implementation and multiple
rounds of beneficiary identification.
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Table 13. Distribution of PIDS-SWS 2024 Veracity Survey Households by 4Ps
Beneficiary Status and Per Capita Income Decile in 2018 FIES

Per Capita Income non4Ps 4Ps Total
Decile Beneficiaries | Beneficiaries

1 8.54 24.15 16.05
2 16.53 23.86 20.06
3 15.16 18.61 16.82
4 14.19 11.22 12.76
5 14.2 10.02 12.19
6 10.22 6.91 8.63
7 8.41 2.95 5.79
8 6.77 1.54 4.25
9 4.68 0.7 2.77
10 1.29 0.04 0.69
Total 100.00 100.00 100.00

Source: 2024 Listahanan Veracity Survey, PIDS and SWS

Albert et al. (2018, 2020, 2024) point out that about half of Filipinos fall in the low-income
category. Using this benchmark, we find that the progressive nature of the Listahanan
continues through the income distribution, with nearly nine in ten (87.8%) of 4Ps beneficiaries
located within the bottom five per capita income deciles.

The targeting efficiency of the Listahanan 1is further demonstrated by the sharp dropoff in
beneficiary representation in higher deciles, with only 5.23% of beneficiaries combined in the
top three deciles. This pattern is reflected in the gradual decline in beneficiary representation
across ascending deciles, from 24.15% in the first decile to a mere 0.04% in the tenth. The
minimal presence of beneficiaries in the top deciles (2.28% combined in deciles 8-10) suggests
relatively low inclusion errors for non-poor households. While these findings demonstrate that
the 4Ps program achieves strong progressive targeting overall, they also highlight opportunities
for improving coverage among the poorest households, particularly in the bottom deciles. The
alignment with broader income class studies provides important context for understanding the
program's role in the overall social protection framework and suggests that the targeting
mechanism is effectively identifying and reaching its intended beneficiaries while maintaining
relatively low leakage to non-poor households.

4.2.7. Urban-Rural Targeting Differences

The analysis of targeting performance across urban and rural areas reveals systematic
differences in accuracy and coverage. Table 14 shows that while rural areas achieve higher
overall targeting accuracy, with 71.2% of beneficiaries from the bottom three deciles compared
to 40.6% in urban areas, the underlying patterns are more complex. The poorest decile shows
particularly stark differences, with 27.0% of rural beneficiaries versus 7.9% of urban
beneficiaries falling into this category.
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Table 14. Current Beneficiary Distribution by PMT1 Income Decile

and Location (2024)

Income National (%) | Urban (%) | Rural (%) | Cumulative
Decile Share (%)

1 (poorest) 12.9 7.9 27.0 12.9
2 12.1 15.8 25.3 25.0
3 11.1 16.8 18.9 36.1
4 11.4 12.7 11.0 47.4
5 10.1 20.2 8.2 57.6
6 10.3 13.0 5.8 67.8
7 9.9 5.2 2.6 77.7
8 9.5 5.0 0.9 87.2
9 7.7 3.4 0.2 94.8
10 (richest) 5.2 0.1 0.0 100.0

Source: 2024 Listahanan Verification Survey, PIDS and SWS

4.2.8. International Comparative Performance

The Philippines' targeting performance can be evaluated against international benchmarks for
similar programs. Our analysis shows that with 71.9% of beneficiaries from the bottom three
deciles, the 4Ps program's targeting accuracy compares favorably with other major CCT
programs globally. This performance exceeds the international median reported by Coady et
al. (2004) and aligns closely with established programs like Brazil's Bolsa Familia (80%
reaching bottom quintile) and Mexico's Progresa/Oportunidades (75% to bottom quintile).
However, these comparisons must be contextualized by considering the different poverty
dynamics and implementation timeframes across countries.

4.2.9. Implementation Challenges and Constraints

The implementation of targeting systems faces distinct challenges across different contexts. In
urban areas, as evidenced by Table 6, targeting accuracy is complicated by income volatility,
complex household structures, and significant intra-city welfare variations. The lower targeting
accuracy in urban areas (26.2% coverage in poorest decile versus 30.6% in rural areas) reflects
these challenges. Rural areas, while showing better targeting performance, face different
constraints including geographic isolation and seasonal income variations.

5. Summary, Policy Implications, and Ways Forward

The analysis of the 4Ps beneficiary list veracity and targeting effectiveness over 2009-2024
reveals both significant achievements and persistent challenges that demand systematic policy
responses. The findings show a complex pattern of targeting system evolution, marked by
initial success in establishing foundational processes, followed by optimization that improved
targeting accuracy, but also revealing emerging challenges in maintaining this performance
over time. This trajectory provides crucial insights for future policy development and system
enhancement.
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5.1. Summary of Key Findings

Our assessment of the Listahanan information management systems reveals a striking
dichotomy between static and dynamic data consistency. Static demographic information
maintains remarkably high consistency rates of 90-94% across areas, demonstrating a fairly
robust nature of basic data collection systems. However, dynamic data such as employment
status (71.2%) and educational status (76.4%) shows notably lower consistency, highlighting
significant challenges in maintaining current information in a rapidly changing social
environment. This gap points to fundamental challenges in the program's ability to track and
respond to changing household circumstances over time. Data discrepancies need not be actual
errors but may reflect dynamic situations of households.

Variations in information management across areas emerge as a critical factor, with urban
areas, particularly NCR, showing systematically lower consistency rates across most
categories. This urban-rural divide appears consistently throughout our findings, suggesting
structural challenges in urban targeting and information management that require specific
policy responses. The pattern is particularly evident in infrastructure-related data, where
consistency rates range from 81.2% for water sources in Balance Luzon to 55.9% in Mindanao,
reflecting both data quality issues and actual development patterns across regions.

The distribution analysis demonstrates strong progressive targeting, with 71.9% of
beneficiaries coming from the bottom three income deciles. However, this performance varies
significantly between urban and rural areas, with rural areas showing better targeting outcomes
(74.6% versus 69.2% from bottom three deciles). Regional analysis further reveals an inverse
relationship between poverty rates and targeting accuracy, with regions having higher poverty
rates generally showing better targeting performance. This pattern suggests that the targeting
system may be more effective in identifying poor households in areas where poverty is more
prevalent and perhaps more visible.

Our findings also highlight significant implementation challenges across different contexts.
Urban areas face particular difficulties in maintaining targeting accuracy due to income
volatility, complex household structures, and significant intra-city welfare variations. This is
evidenced by lower targeting accuracy in urban areas, where coverage of the poorest decile
reaches only 26.2% compared to 30.6% in rural areas. While rural areas show better targeting
performance, they face different constraints including geographic isolation and seasonal
income variations that affect data collection and verification processes.

5.2. Policy Implications

The empirical findings from this study have significant implications for policy and program
implementation that span multiple dimensions of the 4Ps program. The observed patterns in
targeting accuracy and information consistency point to specific areas where strategic
interventions could enhance program effectiveness while maintaining operational efficiency,
particularly through alignment with the emerging Community-Based Monitoring System
(CBMS) being developed by the PSA.
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5.2.1 Information Management Systems

Our findings suggest the need for a comprehensive, multi-source information management
strategy that starts with but extends beyond simple CBMS-Listahanan integration. The system
should create a dynamic, interconnected data ecosystem that leverages multiple administrative
databases while maintaining robust data quality and privacy standards. This expanded approach
requires developing sophisticated protocols not only for harmonizing Listahanan data with
CBMS, but also for integrating vital information from other government agencies' databases.
The integration framework should establish connections with DOLE employment databases
for tracking labor market participation, LGU constituent management systems for local-level
validation, PhilHealth and other social insurance databases for comprehensive welfare
assessment, DepEd data in the Alternative Learning System and in the Enhanced Basic
Education Information System for education monitoring.

The management of this expanded network requires a robust data governance framework built
on three pillars. First, clear inter-agency data sharing protocols must establish standardized data
exchange formats and security requirements. Second, comprehensive quality assurance
mechanisms should implement automated cross-validation procedures and maintain detailed
audit trails. Third, stringent privacy protection measures must ensure appropriate data
anonymization and access control. This framework enables the creation of a more dynamic and
responsive targeting system while protecting beneficiary privacy and maintaining data
integrity.

5.2.2 Targeting System Enhancements

The urban-rural disparities in targeting accuracy call for a differentiated approach that can be
strengthened through CBMS integration. Urban areas require more sophisticated targeting
models that can leverage CBMS's granular data to better capture the complex and fluid nature
of urban poverty. The frequent updating of CBMS data could help address the observed
challenges in maintaining targeting accuracy, particularly in urban areas where household
circumstances change more rapidly. Integration with CBMS also offers opportunities for
developing comprehensive poverty mapping that combines insights from both systems.

5.2.3 Operational Reforms

The implementation of operational reforms should be synchronized with the rollout of CBMS
to maximize efficiency and minimize disruption. While maintaining current operations,
systems and protocols should be gradually adapted to enable seamless data sharing and
validation between Listahanan and CBMS. Regional variations in consistency rates suggest
the need for locally adapted implementation approaches while maintaining standardized core
procedures across both systems.

5.2.4 Implementation Strategy

The implementation strategy must balance preservation of existing operational capabilities
with systematic integration of CBMS functionalities. Near-term priorities include establishing
data bridges between Listahanan and CBMS while maintaining current operations. Medium-
term focus should be on gradual adoption of CBMS-enhanced targeting models with systematic
validation procedures. Long-term strategy envisions full integration while maintaining
program-specific targeting needs that may extend beyond CBMS's core functions.
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5.2.5 Technology and Innovation Strategy

Both Listahanan and CBMS operate as static databases with periodic updates, but effective
poverty targeting demands more dynamic approaches to data maintenance. Drawing inspiration
from the successful implementation by the Government Service Insurance System (GSIS), of
annual digital app-based updates for pensioners, we propose a comprehensive technology
strategy that leverages advanced data management systems and artificial intelligence to create
a more responsive targeting mechanism. This strategy encompasses real-time update
capabilities through mobile applications for beneficiary self-reporting, automated data
synchronization across systems, and machine learning algorithms for anomaly detection and
predictive modeling of household poverty risks.

The implementation of validation protocols must be carefully tailored to different operational
contexts. Urban areas require high-frequency digital updates to capture rapid changes in
employment and residence, integration with formal sector databases, and sophisticated address
matching algorithms for complex environments. Rural areas need offline-capable validation
systems, integration with agricultural databases for seasonal income validation, and simplified
mobile interfaces that accommodate lower digital literacy levels. These context-specific
approaches ensure that validation mechanisms remain effective across diverse implementation
settings.

The technical infrastructure supporting this enhanced system requires a cloud-based data
integration platform with secure API gateways for inter-agency exchange, robust security
frameworks including end-to-end encryption and multi-factor authentication, and advanced
analytics capabilities leveraging machine learning for improved targeting accuracy.
Implementation should follow a phased rollout strategy, beginning with pilot testing
in selected urban and rural areas and expanding based on infrastructure readiness
and performance evaluation.

The modernized system requires innovative solutions in four core areas. First, development of
near real-time data update mechanisms that move beyond periodic snapshots, particularly
crucial for dynamic information like employment status where current consistency rates are
low (71.2%). Second, implementation of Al-enhanced validation protocols that can
automatically detect anomalies and predict household welfare changes. Third, deployment of
differentiated data collection protocols that complement existing CBMS cycles while
accommodating program-specific needs. Fourth, advancement of sophisticated database
integration methods incorporating probabilistic record linkage techniques and machine
learning algorithms to overcome identification challenges while enhancing data accuracy (UN
ESCAP 2023). These enhanced approaches, combined with robust analytics capabilities, can
substantially improve PMT model performance and address urban-rural targeting disparities.

The success of this modernized system depends on comprehensive capacity building initiatives
and continuous monitoring. Technical training must prepare system administrators and field
personnel to effectively utilize new technologies while maintaining data quality standards.
Regular assessment of system performance through defined metrics and user feedback ensures
continuous improvement and adaptation to emerging needs. This approach creates a more
dynamic and responsive targeting system that can better serve its intended beneficiaries while
maintaining operational efficiency.
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5.2.6 Data Governance and Accountability Framework

The integration of Listahanan with CBMS necessitates clear governance mechanisms that
delineate institutional responsibilities while ensuring accountability. This includes establishing
oversight procedures for data sharing and wvalidation between systems, defining clear
performance metrics that apply across both platforms, and creating feedback mechanisms that
can inform continuous improvement of both systems. The framework must balance
standardization needs with flexibility for local contexts.

5.2.7 Capacity Building and Human Resource Development

Success in data integrating of Listahanan with CBMS as well as near-real time data updates
(such as those used by the GSIS) depends critically on enhanced human resource capabilities.
DSWD staff will require training not only in technical aspects of both data systems but also in
managing the transition and integration processes. The capacity building strategy should
differentiate between urban and rural implementation requirements while ensuring consistent
standards across both systems. Particular attention should focus on areas showing lower
consistency rates, where DSWD staff may need specialized skills in data validation and
community engagement.

5.2.8 Graduation Framework and Welfare Monitoring

The sustained reduction in poverty rates since the inception of the 4Ps highlights the need for
systematic graduation strategies supported by robust welfare monitoring. Fundamentally,
graduation from 4Ps should reflect genuine improvements in household welfare rather than
simply meeting administrative criteria. The integration of Listahanan with CBMS presents an
opportunity to implement this more nuanced approach to graduation, where program exit is
based on demonstrated resilience and sustained welfare improvements rather than rigid
thresholds. The integrated database should provide the analytical foundation for not only
identifying graduation-ready households but also monitoring their continued progress after
program exit.

This enhanced graduation framework should be supported by systematic monitoring of key
welfare indicators over time, including:

o Sustained improvements in household income and consumption

o Educational attainment milestones among beneficiary children

o Employment transitions and livelihood stability

e Asset accumulation and reduced vulnerability

e Access to other social protection and poverty reduction programs

5.3. Ways Forward

The implementation roadmap for these reforms must address four key challenges: ensuring
data quality across static and dynamic information, addressing urban-rural targeting disparities,
maintaining targeting effectiveness through system transition, and managing the cost-
effectiveness of technological innovations. We propose a comprehensive three-phase
implementation strategy with specific success metrics, detailed timelines, and clear cost
considerations.
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Phase 1 (Short-term: January 2025-December 2026) focuses on establishing multi-sourcedata
bridges beyond Listahanan and CBMS while developing systems that allow near-real time data
updates while maintaining existing operations. Key priorities include:

- Developing protocols for harmonizing data standards between systems

- Creating automated verification mechanisms for cross-validation and near real time
data updates such as that used by the GSIS for its pension data system

- Implementing pilot integration projects in selected areas to identify operational
challenges

- Maintaining current targeting effectiveness during the transition period

- Addressing immediate urban targeting challenges through enhanced protocols

Success metrics for Phase 1 include:
- Achievement of 95% data consistency rates across integrated databases
- Reduction in data update latency from months to under 72 hours
- Successful completion of pilot projects in 3 urban and 3 rural areas
- Maintenance of targeting accuracy within 2% of current levels
- Implementation costs not exceeding 15% of current system maintenance budget

Phase 2 January 2027-December 2028) emphasizes systematic integration of multiple data
sources into targeting operations. Major initiatives include:

- Phasing in Al-enhanced PMT models with rigorous validation procedures

- Implementing integrated data collection protocols across systems

- Developing comprehensive poverty mapping using combined data sources
- Enhancing urban targeting through real-time more frequent updating cycles
- Building capacity for managing integrated operations

Success metrics for Phase 2 include:
- Integration of at least 5 major administrative databases
- Reduction in targeting errors by 25% compared to baseline
- Achievement of 99% system uptime
- Processing of updates within 24 hours of data receipt
- Technology investment costs offset by 30% reduction in manual verification costs

Phase 3 (January 2029 onwards) focuses on achieving full integration while preserving
program-specific capabilities. Key elements include:

- Complete data integration of all identified data sources while maintaining 4Ps-specific
targeting needs

- Implementation of real-time welfare monitoring to identify graduation-ready
households

- Development of data-driven graduation protocols using integrated household
information

- Creation of transition support mechanisms for graduating households

- Regular assessment of graduation outcomes and post-program welfare trajectories

- Establishment of sustainable governance mechanisms for managing both entry and exit
processes
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Success metrics for Phase 3 include:
- Real-time integration with all major administrative databases
- Reduction in targeting errors by 40% compared to baseline
- Automated identification of 95% of households ready for graduation
- System maintenance costs not exceeding 10% of program benefits
- Return on technology investment achieving 200% over five years

Cost Considerations and Resource Allocation:

The implementation of these technological solutions requires significant initial investment but
promises substantial long-term cost savings. These investments are expected to generate cost
savings through:

- reduction in manual verification costs

- decrease in targeting errors leading to more efficient resource allocation

- reduction in administrative overhead through process automation

- improvement in benefit delivery efficiency

Success metrics will include improved targeting accuracy (particularly in urban areas),
enhanced data consistency rates, and effective integration of all systems' strengths. Regular
monitoring and evaluation will be essential to track progress and make necessary adjustments.
The end goal is an integrated data system that enhances the 4P’s ability to identify and serve
its intended beneficiaries while maintaining operational efficiency and effectiveness.
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Annex 1: Household Assessment Questionnaire

l. IDENTIFICATION

[HI1] REGION/PROVINCE! MUNICIPALITY:

[HIZ] SAMPLE HOUSEHOLDS KNOCKED REASON FOR REPLACEMENT.
01: HH transferred outside the study area
RESULT IF RESULT = code 2- Eg HH merged with another sampled HH
HOUSEHOLD TYPH HOUSEHOLD ID 1= Interviewed REASON FOR D e e st aves
2 = For replacement REPLACEMENT 05: HH unreachable: too far
. s 05: HH unreachable: typhoon/ofher calamities
Original = = 2 07. HH cannot be located/unknown
08: HH-zwel language problem
15T Replacement 2 —_— 08 HH awaynot aval lable during the FW pericd
END Rep|acem&nt | | | | | | | | | . | | | | . | | | | | y | 2 10: Mo .-_‘,.-.3 at residence )
| | | | | | | | | . | | | | . | | | | | —— 11: Ig'.ewle'.vfj staried I:uu;_1:rmm&1tnlad
RO 12; Deceased (ho lving HH members)
3% Replacement Z —_—— 13: Physically/mentally unable/mcompetent (all HH members)
[ I Others, PLEASE SPECIFY
IDENTIFICATION DETAILS OF FINAL HOUSEHOLD INTERVIEWED
[HI3] BARANGAY: [HI4] ADDRESS LOCATION COORDINATES
PUROK/ZOME/SITIO;
[Hi3a] LATITUDE: e g , '
BRGY CODE: STREETADDRESS:
[HI5b] LONGITUDE: -E- ° N
DETAILS OF CALLS
ATTEMPT NO. DATE (MON / DD/ YYYY) | TIME (HH:MM — HH:MM) FI NAME FI CODE RESULT OF CALL | RESULT OF CALL:
[HIG] 15T ATTEMPT I / o AM/PM - - Interview completed
: 2: Interview started but not yet completed
[HIT] 280 ATTEMPT / i o o AM/PM 3 Interview not started/asked to callback
[HIZ] 3”0 ATTEMPT ! ! L - AlPM

FORM 1 RESPONDENTS® DETAILS

[HI9] NAME OF RESPONDENT

[HI10] LANDLINE NO.

[HI11] MOBILE NO.

[HI1Z] MOBILE NO. OWNED BY R?

Lofol [I-TTTTTTT]

B e s e s s e 1
Mo, zpecify owner'relationship to owner:
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Il HOUSEHOLD CHARACTERISTICS

TIME START

AM/PM

HC1. Bilang ng mga sambahayan sa

HC6. Anong uri ng materyales ang ginamit sa
paniabas na pader?

HC9. Anong uri ng palikuran ang mayroon

ang sambahayan sa bahay?

it gy bahay Semento/bricksbato.... R | | Eﬂ:&h&ﬁ*ﬂmﬁ palicuran na naka-pipe ]
ﬁﬁg allminm, ﬁ%;m gg De-flush o de-buhozs na paih;uraq na ndi;a ppe
HC2. Tagal ng paninirahian ng Safamin [qus?g """"" 04 %ﬂ %ﬂs;ﬂﬂgé?mh i 2
sambahayan sa barangay {bilang ng a8 el it huf:;'a palluranna o
taon) TAON | Sawalicogoniod....o . 0B Vertized improved Lt Latrine 0 E‘E"“'admﬁ .
HC3. Bilang ng silid-tulugan Asbesios.. o7 Hirukay na palikuran na ma!.r ‘slab.. e B
(bedroom)/silid na tinutulugan Moa mmmwwaqe:iﬂnpmmaed na matewajes 08 Compostng Toilet.... e B
- Ibea pa, pakitukoy 0o De-flush o de-buhos sa kmg saan ITE‘]"D
{SIEEPH'?Q fﬂGmS:I Walanq pﬂdEl’ 10 bukas na kanal .. T
0 PROET e H'”,;'EF"E walran namlaw I :
HC4. 5a anong uri ng gusalibahay nakatira ang HCT. Ano ang estado ng pagmamay-ari ng unit ng nsiasterraa’;g baide/arinala . . B
sambahayan? bahay at lote na incokupa ng sambahayan? :?Eﬂnl'ﬁmaﬂa palikuran na nakadirekia sa 0
o1 - . 3 De-ﬂgush gde-buhos na paikuraﬂ r.a hlnd ala'n
0z Sariling pag-aari o parang may-an ng bahay kung aan napupunia ang dumideposiio.... 11
Apartment/Accessona/Rowhouse......... 03 atlote o 1 Parmpublikong palikuran .. 12
Condominium/Condotel ... 04 Sariling bahay, umuupa ng lote a Iba pa, |:Ek|1ukc-:|'— 13
|ba pang mult-unit na tirahan (3 o manigit Sariling bahay, libreng lote na may pahintulot g%?%ggﬁ;g:ﬂﬂﬁﬁg‘mm' ng 20 sa
na Un."f} ..................................................... ':]'5 nq mal'l'-ari ______________________________________________________ da]arrﬂasigan. oiba pang bakanl:eng Iugar..... a5
KomersyallindustriyalAgrikultural na Sariling bahay, libreng lote na walang '
qusalilbahay (opising, pabrika, pahintulot ng May-an ..o 4 HC10. |'.,.15,|,- I-:urn.rente ba sa qusall ! baha',r'?
tambobongy 06 Umnuupa ng bahay/kwarto kasama ang lote .. 5 oo
Institusyunal na tirghan (hotel, ospital, Libreng bahay st lote na may pahintulot ng HINDI . 2
kumbents, kulungan) ... 1 1L E= 0T PR 6
Iba pang uri ng gusalilbahay (busitrailer, Libreng bahay at lote na walang pahintulot ng HEG11. Ano ang pangunahing pinagkukunan
I}Enﬂkﬂl:l__ pakllulm'f _ 08 MNBY-BIFT e e T ng tu th na sambahayan?
Wala (walang bahay, kariton) 85 Naka-pipe papunta =a loob ng bahay....... 1
Naka-pipe papunta =a bakuran/lote . 2
HC5. Anong uri ng materyalas ang ginamit sa Pampublikong gripo... 3
bubong? HC8. May pag-aari ba ang sambahayan na isa pang | Protektadong balonitubo balonborshale . 4
Yeroftansofaluminum/stainless steel ... M bahay at lote? Protektadong bukal .. -3
Sementofiles na gawa sa claybato .. 02 }::iﬂ:? e ?
Kombinasyon ng yero at semento 03 00 1 Hindi protektado o buka‘; o haﬂﬁh T g
Kahoyfkawayan ... .. 04 Pakitukoy kung saan matatagpuan ang Hindi protektado o bukas na bukal ... 8
Cogon/nipa/anahaw . o 0B ari-arian: Tubig mula =& ilog, dam, laws, sapa,
ASDESI0S 06 HINDD e 2 kanal, kanal ng mgasyen .. 10
Mga makeshift/salvagedimprovised na 07 Iba pa, pakitukay 1
Materyales .
|ba pa, pakitukoy____ ... 03
Motapplicable .o a5

HC12. Alin 53 mga surusunod na bagay ang
pag-aari ng pamlll,'a'i'

Radyo ... 1
Teln:—,l:ulsyon 2
WF'.-"-;"HS'VDD'D'\.-’D 3
Sterea/CD Player ... .4
RangBratnr'Pnd}rlden’Freezer B
Washing Machine ... B
Air Condiioning .... [
Living Room/Sala et 2
Dirimg Sef .. 9
Kotse, .Jeep . 10
Landline na telepcuncu 1"
Cellular phans ... 12
Perzonal Campufer 13
Microwave Oven/Gas Hange 14
Motorized boatbanca ... .15
MotorsikloTrcyde . 1B

HC13. May miyembro ba ng sambahayan na
nakaranas ng pagkawala ng firahan o
paglipat sa nakaraang 12 buwan?

1> CONTINUE

HIMDI..... 2> GOTOHCIE

HC14. Kung oo, ano ang mga dahilan?

{lagyan ng tsek ang lahat ng naaangkop)

MaturallGawang-tao na sakuna ... 1
Armadong [abanan. ... 2
Proyekte sa Pagpapauniad ng

Imprastrakiurg ... 3
B P e 4

HC15. ltinuturing ba ninyo ang inyang
sambahayan bilang bahagi ng Katutubo o
miyembra ng digenous People’s Group?

T SR 1
FParitukoy
HIMNDI e 2
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lll. HOUSEHOLD ROSTER

MOTE TO FI: Fill in the information of each of the household members starting from the Household Head.

[HR1] [HRZ] NAME HRZA HRZB [HR3] DATE OF BIRTH [HR4] | [HR5] | [HRG] | [HR7] | [HR8] | [HR9] | [HR0] | [AR11]
LINE ENTRY ID Gurrent HH Age (as . Rel FN | Relto | LINE
No. | LAST | FIRST | MIDDLE (from Masterfist) |  member or MONTH DAY | YEAR | ' Ia[st Sep | Curm | Marital | Solo | "° | No.
NAME NAME | NAME EXT/SUFFIX ; mm dd) | (vyyy . P Status | Parent
: away (mm) (dd) )| birthday) reg Head
01 01
02 02
03 03
04 04
05 05
08 &
o7 07
08 08
09 09
10 10
11 11
12 12
13 13
14 14
15 15
16 18
17 17
18 18
[HRZ] NAME [HRE] CURR [HRT] MARITAL HRY] REL TO HEAD (Relationship to Household Head) [HR11] REL TO FH [Relationship to Nuclear
Wirite the complete name of the househeld member [BI-:FT'?LDATE OF PREG STATUS 01. Head 14. Mother-in-law Family Head)
Write the date of f-Yes Z- 1 - Zingleltavar 0Z. Spouse 15. Brather
iy -0 Married - : 01 - Family Head
birth of the HH Mo _ - 03. Son 8. Sister 01 - Family Head
[HR2b] HH member present or away member. 2 - Ma ”‘—'f‘ 04. Daughter 17. Brotherin-law 02 - Wife'Spouse
3 - Comman- 05, St 18, Sister-in-lay 03- Son/Daughter
1-Currant HH mamber awiLive-in :g E'EFEDH h g :S'Stlar"n' S 04 Em-h;-g sier
Lopurrent RE meamber Wi 06. Stepdaughter 18. Uncle % - Brathertaists
m 2-Studying or warking away from home Iﬁ\-ﬁd]tﬁfﬁ of g' E;‘iffrl'::f 07. Son-in-law 20. Aunt 05 - Son-in-Law/Daughter-in-Law
o 3-Deceassd 1I'|-|‘E ﬁH r},:ﬁrﬁjer G - Separated 0&. Daughtar-in-law 21. Mephew - Grandson!Granddaughter
o 4-Moved out 7 - Annullzd 0B. Grandson 22 Misce 07 - Father/hother
(] E-Mot known by R go to next HH member 2 — Mot 10. Granddaughter 23, Boarder 08 - Other Relative
G-Double entry. [HR3] SEX :EEE"-EC'"”D 11. Father 24, Domestic Helper
7-Others, specify f Male 2.F esponse 12, Mother 25. Other Relative (specify]___
-Male 2 - Femals 13. Father-in-ls 26. Monrelstive (specify]
- Cone 1 00 [HRE] S0LO 3. Father-in-law 26. Monrelstive (specify)
TO HRY Marital PARENT o | THR10] FN (Family Number)
Status STES 2o I0 | rite fhe corresponding number.

40




[Il_'llﬁzl [HR12] | [HR13] | [HR14] | [HR15] [ [HR16] | [HR17] [ [HR1E] | [HR19] [HR20] [HR21] [HRZZ] [HRZ3] LNE
HO. Dis See Hear Walk Rem Care Com AHF Name of Health Facility AS School/DCC/Pre-school Educ NO.
[} ¥
02 02
03 03
04 04

05

05

06

08

07 07
08 08
09 09

10

10

11

11

12 12
13 13
14 14

15

15

16

18

17

17

18

CODES

[HR1 2] Dis |Disability)

- 0o 2 - Hindi
[I'o be derived from HR13-HR18]
[HR13] See {Seeing)
May kahirapan/problema ba s__sa

paningin, kahit na may salsmin?
1-0o 2 — Hindi

[HR14] Hear {Haaring)
May kahirapanioroblems ba si__sa
pandmm kahit na may hearing

sid?
1-0a 2 - Hindi

[HR13] Walk {Walking or Climbing Steps)

May kahirapanioroblems ba si__ss pagialskad o pag-skyst ng
hagdsn?

1-0o 2 — Hindi

[HR16] Rem (Remembering or Concentrating)
sy kshirapanjoroblems bs si__ss psg-aisala o
pagkonsentra?

1-0a 2 - Hindi

[HR17] Care {Self-Caring])
My kshirapsnjoroblems ba si__
rpan'.wga o paghbibitis] ¥

- 0o 2 — Hindi

=2 pangangsiags 53 ssali

[HR18] Com {Communicating)

Iday kahirapsnjproblems ba si__ss pskikipsg-komunfasyan
gamit ang kanyang karaniwang wika?

1—0g 2 — Hindi

[HR13] AHF [Attenl:hng.f'u"smng Health Facility)
1-0o 2 —Hin
IF CODE 2, GO T-C.‘- ﬁ-lRﬂiJArrend‘m_q School

[HR20] Mame of Health Facility
Izulat ang pangalan ng pasilidad ng kalusugan na
pinupuntshan ng miyembro ng sambahayan.

[HR21] AS (Attending SchooliDay Care/Pre-
school)

1-0a 2 — Hin

IF CODE 2, GO TG {HREE} Highest Education

[HR221 Paaralan/DCC/Preschool
Isulat ang pangalan ng paaralan na pinapasukan
ng miyernbra ng sambahayan.

[HR23] Educ {Highest Education Attainad)

Q0000 - No Grasde Complelad
Q0001 - Nusery

DO00Z — Kindemganien

10011 - Gradie 1

10012 - Gradie 2

10013 - Gradie 3

10014 - Gradie 4

10015 - Gradie 5

10018 - Grade 6 Elem grad
10003 - Ebzn ALE

10004 — Elzmn IFED

10305 — Ekzmn Madrasah
10005 « Elem SPED

24011 - Grade 7M1= year
24012 - Graide 52 ywear
24013 - Grade 3™ year
24015 - Grasde 10&T ywiGmd od cumr
24003 - H3 ALS

4004 - HS IFED

24005 - HS Madrasan
F400E - HS SPED

34011 - Grada
34023 - Grade I2|'E|'i|ﬂ|lﬂll'! ity DUET

40001 - Post secondary <1 year]
40002 - PE 2™ year
40003 - PE 39 year

S0001 — 1% year shor cycle lerary
SO00Z — 2 year shorl oycke weiary
S0003- 39 year shor cycke tertiary

EO001 - 1% year College
EO00Z - 2™ yoar Colege
EO003- 39 year Colage
EOD04- 47 pear Colege
BOD05- 57 year Colege
EO00E- BT year Colege

70010 - Masler level
0010 - Doclor level
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[HR1] [HR24] [HRZ5] [HR26] [HRZT] [HRZ8] [HR9] [HR30] [HR31] [HR32] [HR33] [HR34]

LINE Class of Basis of | MNature Overseas | Owverseas | Sending How LINE

NO. Emp Job Primary Occupation/Buginess PSOC Worker Payment | of Emp Contract [ Money often ND.
Worker

M

01

02

02

03

03

04

05

05

06

08

o7

07

08

03

09

09

10

10

11

11

12

12

13

13

14

14

15

15

16

16

17

17

18

18

CODE

[HR24] 42 Emp [Employment
Magtrabaho ba 5/ kshit lsang oras
55 NEHArEENG Angga T

1=00 2 = Hindi

IF CODE 1, 30 TC [HR28] Primary
OeCUDENonBLSNass

[HR25] Job {Job or Buslnass)
Kahit hingl nagirataho, may frabaho o
negospoba s 7

100 2 = Hirdi

IF CODE 2, 0 TO [HR3] Overseas

[HR2E] Primary Occupation/Businesa
l=ulat ang pangunahing tmabakalnepasys ng mivembno ng
sambakayan,

[HR27] PEOC (Philllpping Standard Occupation Cods)
Learve this column blank. This will be coded [ater

[HRZ&] Clage of Worker
238N nagiafrabane T (MENTION THE CHOICES LISTED)
0 - Nagtatrababe pars =a pribadang sambabayan
1- Nagtalrshaho para sa pibadong
establisyimento
2 - Napgtatrababo para =3
pabyemofkomonasyen ng gabyemo
3 - Beff-emplayed na walang empleyadang may bayad
4 - Employer sa sariling sakahan o negasyang
pinapatakho ng pamilya
£ - Nagtatrababe narg may bayad sa sariling salaahan o
rapasyory pinapatakba rg pamikya
& - Naptatrababo nang walang bayad sa sarding sakaban o
rapasyorg pinapatakba ng pamikya

IF CODE 2, 4, £, G0 TO [HR30] Nawre of Employment

[HR25] Baele of Paymeant
Ano ang batayan ng kabayarsn na nalsEngpap? Mo ba ay (MENTION
THE CHOICES LISTED BELOW)?

In kired, irmputed (natatanggap bilang sahodiswelda)

Kada piraso

Kada aras

Kada araw

Biuwanan

Pakyaw

|bar pang sahodiowelds, pakitukoy

Hindi sahodiewelda

-l O LD R =D

[HR30] Mature of Employmeant

Ang fracaho ba ml___ sy permanente, panandaian, o SrEw-
arawiingge-inggs? (READ OUT CHNCES)

1 - Permanenieng rabahoinegosyahindi bayad na rabaho sa pamilya

2 - Panandalian o pana-panahan o kaswal na rabaho!
reegasyothindi bayad na trababa sa pamilya

1 - Magtatrababa para =3 iba ibang smployar & cuslomer
araw-araw o linggo-inggo

[HR31] Overzaas

Mass hang hsnss b5 = ¥

1 =06 2 = Hindi

IF CODE 2 G0 TO the next HH member

[HR32] Overzaas Contract Worker indlcator

E___ ba &y (READ OUT CHOICES)?T

1 = Ohverseas Contract Warker o OCW

2 = Manggagawa maliban sa OCW

3~ Emplayade = Embabada ng Piligicas, Konsulade at iba parg mis
4 = Mag-asral =a ibang bansalurists

5 lba pa, pkituboy
IF CODE 4or 5 GO TO the next HH member

[HR33] Sending money to the household
Nagpspa0Eis be 5 mg perS 53 sEmbahayEn T
1 =0 2 = Hindi IF CODE 2, &0 TO the next HH member

[HR34] How often member sends money In 8 yaar
Z5an0 ks0aias Nagpapadala ng pers & 5 lsang faon?
1 = |sa o dalawang beses 2 - 3 hanggang 11 beses 1 - 12 al pataas
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[HR1] [HR:35] [HR36] [HR3T] [HR38]
LINE NO. Household Line Household Line Houzehold Line Nawala ba =i [...] ng 3 buwan LINE NO.
Mumber of Father | Mumber of Mother Mumber of 0 higit pa mula za
Spouse gambahayan na ito 5a
nakaraang 12 buwan?
1=00 2= Hindi
1 1 2 il
02 1 o (02
03 1 . 03
4 1 . (4
05 1 2 05
06 1 i 046
o7 1 . 07
08 1 2 (03
09 1 2 09
10 1 i 10
11 1 p Al
12 1 2 12
13 1 2 13
14 1 p 14
15 1 2 15
16 1 o 16
17 1 . 17
18 1 . 18
FOR HR33, HR36 and HR3T
o lzulat ang Murmero sa Listahan, kung hindi, gamitin ang mga surmusuncd
LLl na kodigo
o)
96 Py 2
© a7 N:E;?: serhlf wialay na sambahayan
8- Hindi kazal

HR39. Type of household

Izang pamilya ..
Extended na pamilya
Dalawa o higit pang hindi magkaugnay na pamilyaftao
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V. GOVERNMENT PROGRAM PARTICIPATION

GP1. May miyembro ba ng inyong sambahayan (kabilang ang OFW) na dependente/benepisyaryo/miyembro ng
alinman sa mga sumusunod na programa ng socialfhealth insurance?

GP2. Sino sa mga miyembro ng sambahayan ang mga miyembro/benepisyaryo ng sumusunod na [FANGALAN
MG PROGRAMA NG SOCIALMHEALTH INSURANCE]? (MULTIPLE ANSWERS ALLOWED)

GP3. 3a nakaraang anim na buwan, may miyembro ba ng inyong sambahayan na nakatanggap ng mga
benepisyofulongayad mula sa .17

GP4. Sino sa mga miyembro ng inyong sambahayan ang nakatanggap ng mga benepisyo/tulong/bayad mula sa
[-.]? (MULTIPLE ANSWERS ALLOWED)

GP1 GP2 GP3 GP4
(LINE NO.} (LINE NO.)
A | GSIS MAYROON......1 MAYROOM......1
WALA..2 W WALA..2 W
GO TO NEXT ROW GO TO NEXT ROW
B | 558 MAYROON......1 MAYROON......1
WALA...2 W WALA...2 W
GO TO NEXT ROW GO TO NEXT ROW
C | Owverseas Workers Welfare ll'ﬁﬂﬂ‘l‘iﬂ%hl*i wﬂ‘ti{)gﬂ*i
Administration (CWWA) G010 NEXT ROW B0 10 RET RO
D | PhilHealth Direct Contributors WAED‘_}?N.@i WAED‘?‘J_N&i
E"mdg'ﬂgﬂ na Nagbabayad o GO TO NEXT ROW GO TO NEXT ROW
E | PhilHealth Indirect Contributors/ wﬂ‘l‘&ﬂghl*i wﬂﬁﬂgﬂ*i
Sponsored (Indigent
ProgramdPs/Senior Ciizen) GO TO NEXT ROW GO TO NEXT ROV
F | Private Health Insurance IIIIII'|l:I:ﬂ.ﬁI_"lE{Zh‘.‘]"!l\l"l“l '.I':'I.IAMHED{EI?N*I
CompanyHMO (e.g. MediCard,
Cantas Health, Maxicare, efc.) GO TO NEXT ROW GO TO NEXT ROV
G | Private Pre-need Insurance vl'ﬂ&ﬂghl*i wﬂﬂgﬂ.bi
Company (.., SunlLife, Pru Life,
St. Peter Life Flan, etc.) GO TONEXT ROW GO TO NEXT ROW
H | Pag-IBIG MAYROON......1 MAYROON......1
WALA...2 W WALA...2 W
GO TO NEXT ROW GO TO NEXT ROW
I | Personal Equity and Retirement Wﬂnghibi wﬂﬂgﬂ*i
';fﬁﬂ”"t (PERA)Retirement G0 TO NEXT ROW GO TO NEXT ROW

GP5. May miyembro ba ng sambahayan na nakatanggap ng mga programalsarbisyo mula

53 mga nasyunal o lokal na ahensya ng gobyerno, o Nen-Govermment Organizations

MNGOs) mula 2009 hanggang sa kasalukuyan?

HINDI.......... 2> GOTOGP2

1 = CONTINUE

GP6. Kung oo, anc/anu-ang ang mga programalserbisyo na natanggap mula 2009
hanggang sa kasalukuyan? Lagyan ng tsek ang ahat ng naaangkop.

GPT. Alin sa mga programang itofserbisyo ang natanggap 5a nakaraang anim (81 na

buwan? Lagyan ng isek ang lahat ng naaangkop.
GP
GP6G 7
A A | Reqular Condifional Cash Transfer [RCCT) 4Ps 1 1
E B | Modified Conditional Cash Transfer (MCCT) 4P 2 2
C C | Unconditional Cash Transfer Program/UJCT 3 3
o Indigent Senior Citizen’s Social Pension (SocPen) 4 4
E Tulong mula sa Malasakit Center 5 5
F Student Financial Assistance Program (StuFAP) other
than Universal Access to Quality Teriary Education g G
(UAGTE)
G |ba pang schaolarship {excluding StuFAP and UAQTE) T 7
H Assistance fo Individuals in Crisis Situation (AICS) 8 3
| Balik Probinsya Program g g
J Emergency Shelter Assistance 10 10
K Sustainable Livelihood Program — Micro enterprise 11 11
Development Track
L Sustainable Livelihood Program — Employment facilitation 12 12
M Skills training under TESDA 13 13
N Intergrated Livelihood/Kabuhayan Program under DOLE 14 14
8] Cither Skills/Livelinood Training 15 15
F Govemment Feeding program 15 16
] Day Care Service/ECCD 17 17
R Programang pabahay (Housing Pragram) 18 18
5 Microcredit 19 19
T Subsidized Rice 20 20
u Cash for WorkiFood for Work 2 21
W KALAHI-CIDSS 22 22
w Disaster Relief Assistance 23 23
X Social Amelioration Program/SAP 24 24
¥ Cther Cash Transfer Program, specify, 25 25
Z Hindi nakatanggap ng alinmang programa o serbisyo 5a _ a5
nakaraang anim (§) na buwan
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GP2. May miyembro ba ng inyeng sambahayan na naging GP14. Gaano kadalas kayo nakatanggap o8
benepisyaryo ng Pantawid Pamilyang Pilipine Program o 4Ps? ng 4Ps cash grants sa nakaraang 12 HA
(Werify answer in GPS and GPT) buwan?

00 e 1> CONTINUE GP15. Magkano ang kabuuang natanggap 98
HINDI ... 2> GOTOGPY ninyo para sa inyong 4Ps cash grant HA
Hindialam....... 8-> GOTOGP19 sa nakaraang 12 buwan?

93

GPY. Ano ang Pantawid Household 1D ng sambahayan? GP16. Kailan kayo huling nakatanggap ng | 2' 0 | | HA

i inyong 4Ps cash grant? Buwan| Taon
GP1T. Magkano ang huling cash grant na ﬁi
. natanggap ninyo?

GP10. Ang sambahayan/miyembro ng sambahayan ba ay i
kasalukuyang benepisyaryo pa fin ng Pantawid Pamilyang GP12. Paano ninyo kasalukuyang natatanggap ang 4Ps cash grants?
Pilipino Program o 4Ps hanggang sa ngayon? LBF Cash Card ..................1 Over the Counter............2

L 1 Iba pa, tukuyin, Hindialam............_.....8
HINDI ... 2
Hindialam....... &8

GP11. Kailan naging benepisyaryo ang inyong sambahayan/miyembro
ng sambahayan ng Pantawid Pamilyang Piliping Program o
4Ps?

| 2 | 0 | —| — I Hind!:Ealam

Buwan Taon

GP12. Sino ang kasalukuyang 4Ps Granfee para sa sambahayan na
ito? Isulat ang numero ng linya ng miyembro ng sambahayan.

Hindi alam

Ling No.

GP13. Sino sa mga bata sa sambahayan ang sinusubaybayan para sa
kondisyon ng edukasyon ng programa?

PANGALAN NG BATA LINE NUMBER
1.

2.

3.

Hindi alam a8

GP19. Makatanggap ba kayo o sinuman sa mga miyembra ng
sambahayan ng subsidiya mula sa Social Amelioration Frogram
mula Marso 20207 (Venfy answer in GPE and GPT)

1= CONTINUE

2> GOTOGP22

8> GOTOGP22

GIP20. llang beses kayo nakatanggap ng a3
SAP subsidiya mula Marso 20207 HA

GP21. Magkano ang kabuuang 03
natanggap ninyo mula sa SAF HA

mula Marso 20207
Fecord amount in FHP
GP22. Makatanggap ba kayo o sinuman sa mga miyembra ng
sambahayan ng iba pang tuleng na pera o kahit anong ur mula sa
pandemya simula Marso 20207 (-verify ang sagot sa GP2)

OO 12> COMTIMNUE
HINDI . 2> GO TOEDS
Hindi alam 8> GO TOEDS
GP23. Magkano ang kabuuang
natanggap ninyo mula &a iba pang 98
mda pinagkukunan ng tulong mula HA
Marso 20207
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Vl. SHOCKS AND DIFFICULTIES

Ngayon naman po nais ko kayong tanungin tungkel sa mga pangyayaring naranasan ng inyong sambahayan at nakaapekio sa pinansyal na katayuan sa nakalipas na 12 buwan.
A

B C.
Type of Economic Difficulty llang buwan na ang [PRIMARY Coping Mechanism]
Ang sambahayan po bang ifo ay nakaranas ng [...] na nagpahirap sa kalagayang pinansyal sa nakalipas na 12 naralipas nang mangyan | Ano ang pangunahing bagay na ginawa ninyo upang
buwan? ito? mapagaan ang hirap 5a kafagayang pinansyal™economic
shock” dahil za [..]?
TYPE OF EVENT 00 HINDI HA VERBATIM RESPONSE CODE
EDS1. | Pagkamatay ng mga miyembro ng sambahayan o ibang 12C0T0 | 24 GOTO | 84 GOTO BUWAN
kamag-anak COL.E MEXT [TEM | MEXT ITEM _—

EDS2. | Malubhang karamdaman ng mga miyembro ng sambahayan o
ibang kamag-anak na nangailangan ng pagpapa-ospial o
patuloy na medital na paggamot

12070 | 296070 | 89 GOTO
COL.B NEXT TEM | nExTTEM | —— — BUWAN

EDS3. | Pagkawala ng frabaho o pagbagsak ng negosyo ng mga
miyembro ng sambahayan na hindi dufot ng sunog, findol,
pandemya, 0 iba pang kalamidad

12070 | 296070 | 89 GOTO
COL.B NEXT TEM | nExTTEM | —— — BUWAN

EDS4. | Mgz pagkaiugi dahil sa sunog, indol, bagyo, baha, atiba pang 123070 | 24 GOTO | 84 GOTO BUWAN
kalamidad COLE MEXT ITEM | MEXTITEM _—

EDS5. Hinar nak. ani dafil 55 12Cc0T0 |29 G0TO [ 84 GOTO
il coLE NEXT TEM | nexTimEm | —— — BUWAN

EDS6. | Faghaba ng kita ng sambahayan dahil sa napakababang 13010 | 2eeno | seano

produksyon na dulot ng mga dahilan maliban sa hindi nakapag- CoL B wexT mem | NExT ITem BUWAN
ani '
EDST. | Sapiitang paghipat dahil 5a naturaligawa ng tao na kalamidad,
13G0OTO | 29 G070 | 84 GOTO
ﬁnnadnng ﬂabanaq, proyekio sa pagpapauniad ng CoL B wexT mem | NExT ITem BUWAN
imprasiruktura, o iba pang dahilan
EDS8 | Hindi planadon buburiiis T=2GOTO | 2% G0T0 | ¥ GOTO
P gpag coLs | nexTmem | nextmem | ——— BUWAN
EDS9. | fba pa (tukuyin, 12 G070 [ 29 GoTO | s GoTO
pa (tukuyin) coLs EDS10 epstg | —— BUWAN
CODES FOR COLUMN CiCoping Mechanism
1: Binago ang paraan ng pagkonsumo 5: Maghanap ng trabaho sa ibang bansa 9 Gumamit ng ipon
2: Magbenta ng mga ari-arian i Tumigil ang bata sa pag-aaral 10: Umutang ng pera
o 32 Isinangla ang mga ari-arian T: Inilipat ang bata mula sa pribadong paaralan patungo sa 11: Iba pa, tukuyin
ke 4: Maghanap ng karagdagang trabaho sa loob ng bansa pampublikong paaralan
E 8: Bumawas sa pagsali sa mga gawaing panlibangan

NOTE TO FI: IF THE HOUSEHOLD DID NOT EXPERIENCE ANY OF THE ABOVE ECONOMIC DIFFICULTY (EDS1 TO EDS9), GO TO OH1. OTHERWISE, CONTINUE.

EDS10. 53 mga kahirapan sa ekonomiya at mga hindl magandang pangyayaring naranasan ng sambahayan sa nakalipas na 12 buwan, alin po sa mga ito ang may
pinakamalaking epekto sa kapakanan ng sambahayan?

EDS#
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Vil.

OTHER HOUSEHOLD INFORMATION

OH1. Kayo ba o sinumang miyembro ng inyong sambahayan ay
kumuha ng anumang utang sa nakaraang anim na buwan?

00 1= CONTINUE
HINDI ... 2> GOTOOH]3
Hindialam.._.... &= G0OTOOH3

OHZ2. Saan kayo o sinumang miyembro ng inyong sambahayan
kumuha ng utang na ito? (MULTIPLE RESPONSES
ALLOWED)

885 ...
DIGITALOMLINE FINAMCIAL SERVICE (2.q., Tala,
MICROFINANCE INSTITUTION...

CREDIT UNION .o .
RELATIVEIFRIEMD .o,
INFORMAL LEMDER... .
[BA PA, tukuyin

[FUN I

(2=l =i N = R

it
[=]

OH3. Kayo ba o sinumang miyembro ng inyong sambahayan ay
kasapi o naging kasapi ng kooperatiba sa nakaraang anim na

buwan’?
L0 1
HINDI........ 2
Hindialam._.. ... &

OH4. Magkano ang karaniwang buwanang gastos sa pagkain
ng inyong pamilya sa nakaraang anim na buwan?

OH5. Magkano ang karaniwang buwanang gastos sa pangkalahatan

ng inyong pamilya sa nakaraang anim na buwan? (UNAIDED)
PHP 00

[Program the CAP! to recompute the amount by dividing it by 4 to

derive a weekly amount |

OH5A. [The CAPI program will divide OH4 by OH5 and convert the
answer into percentage] Batay po sa na-compute natin, ___% po
ng pangkalahatang gastos ay nakalaan para sa pagkain. Tama po
ba ang tantiyang ito?

OHB. Sa nakaraang anim na buwan, magkano ang karaniwang
buwanang kita ng inyong sambahayan mula sa lahat ng miyembro
na nagtatrabaho para sa suweldo o sahod?

PHP 00

OH7. 53 nakaraang anim na buwan, magkanc ang karaniwang
buwanang kita ng inyong sambahayan mula sa lahat ng miyembro
na nagneneqosyo?

PHP 00

OH8. Sa nakaraang anim na buwan, magkano ang karaniwang
buwanang halaga na natanggap ng inyong sambahayan mula sa
ibang pinagkukunan ng Kita o tulong na hindi peralpera na
natanggap mula sa ibang bansa?

gL

OH9. 3a nakaraang anim na buwan, magkano ang karaniwang
buwanang halaga na natanggap ng inyong sambahayan mula sa
ibang pinagkukunan ng kita o tulong na hindi peralpera na
natanggap mula sa mga lokal na pinagkukunan o gobyerno?

OH10. Ang sambahayang ito ba ay nainterbyu na sa Listahanan Survey

OH11. Kailan nainterbyu ang sambahayang ito sa
Listahanan survey? llista ang lahat ng
pagkakataonipag-ikot ng panayam.

OH11A OH11B
00 | NAP | HA | (TAON)
13t interview 1 2 g N
2™ inferview 1 2 ] 20
31 interview 1 2 ] 20

Note to H: If respondent claims more than 3 fnsia_m:;,
verifyreconfirm and record if respondent insists.

A% interview

1

2 2

.

57 interview

1

2 3

20

OH12. FOR THE FI: Check if there are Listahanan
Stickers in the door/gate of the house. If no stickers
are observed, ask the respondent to point to
location of stickers, if any. Record date indicated in

all stickers found.

OH12A OH12B
Sticker | 00 [ HINDI [ BUWAN | (TAON)
[Al 1 2 . |a____
[B] 1 2 . |a____
[C] 1 2 . |&____
] 8- Mo sticker
fiound

NOTES/OBESERVATIONS OF THE STICKERS:

FHP ao ng DSWD?
[Program the CAP! to recompute the amount by dividing it by 4 to 00 1= CONTINUE
derive @ weekly amount.| HIMDI.......ccccceee 2> GOTO OH1Z
Hindi alam ......... 8-> GOTO OH1Z
TIME END: AM/PM DURATION: MINUTES
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Annex 2: Barangay Assessment Questionnaire

I. IDENTIFICATION

[HI1] REGION/PROVINCE/ MUNICIPALITY:

IDENTIFICATION DETAILS OF BARANGAY

ofel [ [-TTTTTTT]

OTHERS, specify

[BI2] BARANGAY: [BI3] ADDRESS OF BARANGAY HALL LOCATION COORDINATES
PUROK/ZONE/SITIO: [Bl4] LATITUDE: -N-_ 0 "
BRGY CODE: STREETADDRESS: [BI5] LONGITUDE: -E- e
DETAILS OF CALLS
ATTEMPT NO. DATE (MON / DD/ YYYY) | TIME (HH:MM - HH:MM) FINAME FI CODE RESULT OF CALL | RESULT OF CALL:
[BI6] 15T ATTEMPT I . - . AMPM - - 1 Interview completed
— — — 2: Interview started but not yet completed
[BI7] 2%0 ATTEMPT I _ __ Am/PM 3. Interview not started/asked to callback
[BI8] 3r0 ATTEMPT I | _ __ o AM/PM
MODULE A RESPONDENTS' DETAILS
[BI9] NAME OF RESPONDENT [BI10] LANDLINE NO. [BI11] MOBILE NO. [BI2] TYPE OF RESPONDENT
BRGY CAPTAIN ..o 1
OTHER BRGY OFFICIAL, specify: .2
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Il. BARANGAY CHARACTERISTICS

TIME START

AM/PM

BC1. Ang inyong barangay ba ay isang
poblacion/distrito ng lungsod?

BC2. Sa inyong barangay, mayroon bang._.?

KINDS OF ESTABLISHMENTS

BC9Y. Auto repair shop, vulcanizing shop, electronic repair shop, o
iba pang repair shop sa barangay.

BCS. Mga komersyal na establisimyente tulad ng tindahan ng
pakyawan (wholesale), department store, Bazaar, hardware store,
botika, gasolinahan, sari-sari sfore, o iba pang tindahan na may
kasalukuyang kalakal o paninda na nagkakahalaga ng P600 o higit pa.

a | llang auto repair shop, vulcanizing shop,
electromic repair shop, o iba pang repair
shop sa barangay na ito ang may kulang
sa 100 empleyado?

a | llang kemersyal na establisimyento sa
barangay na ito ang may kulang sa 100

Barangay Facilty 00 [ HINDI empleyado?

a | MUNISIPYOICITY HALLO | 1 2 b [ llang kemersyal na establisimyento sa
KAPITOLYO NG labas ng barangay, ngunit nasa loob ng 2
PROBINSYA kilometro mula sa barangay, ang may

b | PAMPUBLIKONG PLAZA 1 2
O PARKE PARA 5A

kulang sa 100 empleyado?

BC10. Mga establisimyento na nag-aalok ng personal na serbisyo
tulad ng restawranfkainan, cafefena, o refreshment parlor (hindi
kasama ang mga palipat-lipat o mobile na kainan), beauty parfor,
barberya o barber shop, massage parfor, laundry shop, punerarya, o
iba pang establisimyento na nag-aalok ng personal na serbisyo.

BCE. Mga establisimyente para sa libangan tulad ng sinehan, might
club, bar, beer garden, biliard hall, bowling alley, rentahan ng wideo
tapes/CD, computer games station, videoke, infernet café, sabungan,
gym, sports house, o iba pang aktibidad panlibangan.

a | llang establisimyento na nag-aalok ng
personal na serbisyo sa barangay na ito
ang mayroong 100 o mas kaunting
empleyado?

LIBANGAN
¢ | MATAASNAPAARALAN | 1 | 2
(HIGH SCHOOL)
d | SISTEMANGLANDLINE | 1 | 2
NA TELEPONO O
CALLING STATION
e | SIGNALNG CELLPHONE | 1 | 2
f | SEMENTERYO 1] 2

a | llang establisimyento para sa libangan sa
barangay na ito ang may kulang sa 100
empleyado?

INFORMAL SETTLERS

BC11. Sa barangay na ito, ilang sambahayan ang naninirahan
sa...

BC3. Mayroon bang streef paftern ang inyong
barangay, ibig sabihin, network o sistema ng
hindi bababa sa tatlong kalye o daan?

BC4. Ang mga magsasaka, manggagawang bukid,

mangingisda, magtotroso, at mga
nangongolekta ng produkto sa gubat ba ay
bumubuo ng higit sa kalahati ng populasyon
na 10 taong gulang pataas?

b | llang establisimyento para sa libangan sa
labas ng barangay, ngunit nasa loob ng 2
kilometro mula sa barangay, ang may
kulang sa 100 empleyado?

BC7. Hotel, dormitoryo, motel or iba pang lugar na matutuluyan.

a | llang hotel, dormitoryo, motel o iba pang
lugar na matutuluyan sa barangay na ito
ang may kulang sa 100 empleyado?

a | pribadong lupa na hindi nila pag-aari
maliban sa mga mapanganib na lugar
tulad ng estero, nles ng fren, tambakan
ng basura, tabing-ileg, baybayin, daanan
ng tubig, at iba pang pampublikong lugar
tulad ng bangketa, kalsada, parke at
palaruan?

HEALTH AND EDUCATIONAL FACILITIES

BC12. llan ang... sa barangay na ito?

BC8. Bangke, sanglaan o pawnshop, kumpanyalahensya ng
pagpapautang/pamumuhunan o insurance, o iba pa.

a | llang bangko, sanglaan o pawnshop,
kumpanyalahensya ng

a | Paaralang Elementarya

b | Paaralang Sekundarya

pagpapautang/pamumuhunan o
Insurance, o Iba pa sa barangay na ito

ang may kulang sa 100 empleyado?

C | Kolehiyo/Unibersidad

d | Pasilidad Pangkalusugan
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Ill. ACCESS TO PROGRAMS AND SERVICES

PS1.
Ps2.

Mayroon po bang mga [URI NG MGA PROGRAMA AT SERBISYQO] sa barangay nitong nakaraang 6 na buwan?

Gaano karami ang mga nakatanggap ng mga programa at serbisyong ito nitong nakaraang & na buwan?

TYPE OF PROGRAMS AND PS1. Ps2.
SERVICES TYPE OF PROGRAMS AND SERVICES NO. OF RECIPIENTS
Regular Conditional Cash Transfer MAYROON... . 1=» CONTINUE
(RCCT) 4Ps WALA .. 2% GO TO NEXT PROGRAM/SERVICE
HINDI ALAM.. 8¥ GO TO NEXT PROGRAM/SERVICE
Modified Conditional Cash Transfer MAYROON.... 1=» CONTINUE
(MCCT) 4Ps WALA oo 2% GO TO NEXT PROGRAM/SERVICE
HINDIALAM. oo, B GO TO NEXT PROGRAM/SERVICE
Unconditional Cash Transfer MAYROON..... 1=» CONTINUE
Program/UCT WALA oo, 2% GO TO NEXT PROGRAM/SERVICE
HINDIALAM. oo B GO TO NEXT PROGRAM/SERVICE
Indigent Senior Citizen's Sccial Pension | MAYROON.... 1=» CONTINUE
(SocPen) WALA oo 2 GO TO NEXT PROGRAM/SERVICE
HINDIALAM. oo B GO TO NEXT PROGRAM/SERVICE
Tulong mula sa Malasakit Center MAYROON..... 1=» CONTINUE
WALA oo, 2% GO TO NEXT PROGRAM/SERVICE
HINDIALAM. oo B GO TO NEXT PROGRAM/SERVICE
Student Financial Assistance Program MAYROON.... 1= CONTINUE
(StuFAP) other than Universal Access WALA............ .. 24 GO TO NEXT PROGRAM/SERVICE
to Qualtty Tertiary Education (UAGTE) HINDI ALAM.. 8% GO TO NEXT PROGRAM/SERVICE
Iba pang scholarship (maliban sa MAYROON.... 1= CONTINUE
StuFAP and UAQTE) WALA oo, 2% GO TO NEXT PROGRAM/SERVICE
HINDIALAM. oo B GO TO NEXT PROGRAM/SERVICE
Assistance to Individuals in Crisis MAYROON.. 1=» CONTINUE
Situation (AICS) WALA............ .. 24 GO TO NEXT PROGRAM/SERVICE
HINDI ALAM 8¥ GO TO NEXT PROGRAM/SERVICE
Balik Probinsiya Program MAYROON.. 1=» CONTINUE
WALA ... .. 2 GO TO NEXT PROGRAM/SERVICE
HINDI ALAM 8% GO TO NEXT PROGRAM/SERVICE
Emergency Shelfer Assistance MAYROON. ... 1=» CONTINUE
WALA ... .. 2% GO TO NEXT PROGRAM/SERVICE
HINDIALAM. oo B GO TO NEXT PROGRAM/SERVICE
Sustainable Livelihood Program — Micro | MAYROOM.... . 1% CONTINUE

enterprise Development Track

... 2% GO TO NEXT PROGRAM/SERVICE
.. 8% GO TO NEXT PROGRAM/SERVICE

Sustainable Livelihood Program —
Employment facilitation

MAYROOM. ... 1= CONTINUE

. 2% G0 TO NEXT PROGRAM/SERVICE
HINDIALAM. . &¥G0TONEXT PROGRAM/SERVICE
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.. 2% GO TO NEXT PROGRAMISERVICE
.. 8% GO TO NEXT PROGRAM/SERVICE

TYPE OF PROGRAMS AND PS1. Ps2.
SERVICES TYPE OF PROGRAMS AND SERVICES NO. OF RECIPIENTS
m. | Skills fraining under TESDA MAYROON. . 12 CONTINUE

n. Intergrated Livelihood/Kabuhayan
Program under DOLE

T= CONTINUE

. 2% GO TO NEXT PROGRAM/SERVICE
8% GO TO NEXT PROGRAM/SERVICE

HINDI ALAM.....

o. [ba pang Skills/Livelihood Training

MEYROON.. T=CONTINUE
. 2% GO TO NEXT PROGRAMISERVICE

&% GO TO NEXT PROGRAM/SERVICE

HIMDI ALAM....

p. Government Feeding program

MAYROON.. 1=» CONTINUE
. 2% GO TO NEXT PROGRAM/SERVICE

8% GO TO NEXT PROGRAM/SERVICE

HINDI ALAM.....

q. | Day Care Service/lECCD

MAYROON..
WALA ..
HIMDI ALAM

... 1=» CONTINUE
... 2% GO TO NEXT PROGRAMISERVICE
.. 8% GO TO NEXT PROGRAM/SERVICE

r. Programang pabahay (Housing 1=» CONTINUE
program) . 2% GO TO NEXT PROGRAM/SERVICE
HINDI ALAM.... 8% GO TO NEXT PROGRAM/SERVICE

5. Microcredit MAYROON.. 1=» CONTINUE

. 2% GO TO NEXT PROGRAMISERVICE
&% GO TO NEXT PROGRAM/SERVICE

HIMDI ALAM....

t. Subsidized Rice

MAYROON.. 1=» CONTINUE
. 2% GO TO NEXT PROGRAM/SERVICE

&% GO TO NEXT PROGRAM/SERVICE

HINDI ALAM.....

u. Cash for Work

MAYROON.. ... 1=» CONTINUE
. 2% GO TO NEXT PROGRAMISERVICE

&% GO TO NEXT PROGRAM/SERVICE

v. | KALAHI-CIDSS

1=» CONTINUE
... 2% GO TO NEXT PROGRAM/SERVICE
.. 8% GO TO NEXT PROGRAM/SERVICE

w. | Disaster Relief Assistance

... 1=» CONTINUE
....... ... 2% GO TO NEXT PROGRAMISERVICE

HINDI ALAM.... &% GO TO NEXT PROGRAM/SERVICE
X. Social Amelioration Program/ SAP MAYROON.. 7=+ CONTINUE
WALA ... . 2% GO TO NEXT PROGRAM/SERVICE
HIMDI ALAM.... &% GO TO NEXT PROGRAM/SERVICE
y. | IBAPA, TUKUYIN: 1
2. 3
3. '
TIME END : AM/PM DURATION: MINUTES
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