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Abstract 
 
This study represents the first comprehensive assessment of the Pantawid Pamilyang Pilipino 
Program's (4Ps) beneficiary targeting system, called the National Houshehold Targeting 
System for Poverty Reduction (NHTS-PR), or Listahanan  since the program's 
institutionalization under Republic Act 11310 in 2019. Conducted by the Philippine Institute 
for Development Studies (PIDS) as mandated by law, this research examines both the accuracy 
of beneficiary information and the effectiveness of the program's targeting mechanisms in 
reaching intended beneficiaries. Through a dual-component analysis examining both data 
veracity and targeting effectiveness, the study evaluates how well the 4Ps identifies and reaches 
poor households while maintaining accurate beneficiary records. The study combines extensive 
primary data collection through a nationwide survey with sophisticated statistical analysis of 
the targeting accuracy, providing a comprehensive assessment of the program's beneficiary 
identification and management systems. Key findings reveal both strengths and challenges in 
the program's implementation. While static demographic information maintains high 
consistency rates (e.g., household address consistency at 90-94%), dynamic information such 
as employment and educational status shows notably lower consistency (e.g., employment 
status consistency at 71-76%). The analysis demonstrates strong progressive targeting 
conducted through a proxy means test, with 71.9% of 4Ps beneficiaries coming from the bottom 
three income deciles, though significant urban-rural variations exist (e.g., 27% of rural 
beneficiaries fall into the poorest decile compared to 7.9% in urban areas). These findings point 
to specific areas for systematic improvement in both targeting methodology and information 
management systems. The study's recommendations aim to enhance both the precision of 
beneficiary targeting and the reliability of program information systems, ultimately supporting 
more effective poverty reduction through improved program implementation. These findings 
have significant implications for policy refinement and operational improvements in one of the 
Philippines' flagship social protection programs. 
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Is the 4Ps Targeting and Reaching the "Right" Beneficiaries? An Assessment 
of the Veracity of the List of Pantawid Pamilya/4Ps Beneficiaries 

 
Jose Ramon G. Albert, Aniceto C. Orbeta Jr., Kris Ann M. Melad,  

and Mohammad A. Mahmoud1 
 

1. Introduction  
 
The Pantawid Pamilyang Pilipino Program (4Ps) represents a transformative milestone in 
Philippine social protection policy. Launched in 2008, this conditional cash transfer program 
has evolved from a modest pilot serving 6,000 families to become the country's flagship 
poverty reduction initiative, reaching approximately 4.4 million households by 2023. The 
program operates through a carefully structured targeting system that combines poverty 
assessment through Proxy Means Testing (PMT) 2 with demographic criteria and behavioral 
conditions, aiming to support poor households while promoting human capital development. 
 
The program's expansion reflects a sustained government commitment to social protection, 
evidenced by a five-fold increase in budget allocation from 0.1% of GDP in 2010 to 0.5% of 
GDP by 2014. This substantial investment has established 4Ps as a central pillar of the nation's 
poverty reduction strategy, directly impacting approximately one-fifth of the Philippine 
population (Schelzig 2015). However, this rapid scaling has also intensified the importance of 
maintaining targeting accuracy and operational efficiency. 
 
The effectiveness of beneficiary targeting stands as a critical determinant of the program's 
success. While the PMT methodology has gained international recognition as an effective 
targeting tool, it inherently involves trade-offs between inclusion and exclusion errors. The 
evolution of 4Ps' targeting system reflects both technological advancement and practical 
learning, with early assessments showing inclusion errors of 22-25% and exclusion errors of 
31-35% in the first Listahanan  round (2009-2011). Subsequent refinements in the second 
round (2015) achieved significant improvements, reducing these errors to 11-13% and 7-19% 
respectively, placing the Philippines among the more effective implementers of targeted social 
protection programs in developing countries. 
 
The program's targeting infrastructure relies on the Listahanan , a national social registry 
implemented by the Department of Social Welfare and Development (DSWD). This 
comprehensive database has undergone three major iterations since 2009, each representing 
significant methodological refinements. The first round (2009-2011) established baseline 
coverage of 10.9 million households, identifying 5.2 million as poor. The second round of 
Listahanan  (2015) expanded coverage to 15.4 million households while maintaining similar 

 
1 The authors are senior research fellow, President, research associate and research assistant at the Philippine 
Institute for Development Studies (PIDS).  The valuable research assistance of Sherryl Yee also of PIDS is 
gratefully acknowledged. The views expressed in this discussion paper are the authors’ own.   
 
2 The Proxy Means Test (PMT) is a statistical model that predicts household welfare (typically per capita income) 
using easily observable and verifiable household characteristics such as housing conditions, asset ownership, 
demographic composition, and education levels. The model's coefficients are estimated using regression 
analysis of household survey data, typically the Family Income and Expenditure Survey (FIES). The resulting 
formula assigns weights to different household characteristics, producing a score that approximates household 
welfare without directly measuring income or expenditure, which can be difficult to verify in developing  
country contexts. 
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poverty identification levels (DSWD 2019). This evolution demonstrates both the system's 
growing sophistication and the persistent challenges in poverty targeting. 
 
Regular assessment of targeting accuracy and beneficiary verification remains crucial for 
maintaining program integrity and public confidence. While the PMT is widely accepted 
globally as an effective method for identifying potential beneficiaries of social protection 
programs (Klasen and Lange 2015, Brown, Ravallion and van de Walle 2016), it inherently 
involves some degree of targeting error due to its reliance on proxy indicators rather than direct 
income measurement. 
 
The evolution of targeting accuracy in the 4Ps program reflects both technological 
improvements and learning from implementation experience. Early assessments of the first 
Listahanan  PMT model (2009-2011) found inclusion errors of 22-25% and exclusion errors 
of 31-35% (Fernandez 2008). These rates, while comparable to international standards for 
similar programs, prompted significant methodological refinements. The second round of 
Listahanan  (2015) introduced improved statistical techniques and additional proxy indicators, 
reducing inclusion errors to 11-13% and exclusion errors to 7-19% (Mapa and Albis 2013). 
These improvements placed the Philippines' targeting system among the more effective ones 
in developing countries, though challenges remain in maintaining targeting accuracy over time 
and across different geographical contexts. 
 
The Commission on Audit has raised concerns about potential leakages to non-poor households 
in various reports (COA reports 2011-2016), highlighting the importance of careful 
examination of the program's targeting mechanisms. While perfect targeting may be 
unrealistic, regular assessment of targeting accuracy and beneficiary verification remains 
crucial for maintaining program integrity and public confidence. 
 
This study responds to the verification mandate established under Republic Act 11310, 
conducting the first comprehensive assessment of 4Ps beneficiary targeting since the program's 
institutionalization. The study addresses three fundamental questions: 
 

1. How effectively does the current targeting system identify and reach poor households?  
2. What patterns of inclusion and exclusion errors exist across different geographic and 

demographic contexts?  
3. How accurately does the program maintain beneficiary information over time? 

 
The analysis employs a mixed-methods approach, combining quantitative assessment of 
targeting accuracy with detailed verification of beneficiary information. This dual focus allows 
for both broad evaluation of targeting effectiveness and granular analysis of data quality issues 
that may affect program implementation. 
 
1.1. Policy Issue and Research Questions 
 
The central policy question this study addresses is whether the 4Ps effectively targets and 
reaches its intended beneficiaries as designed by the program. This broad inquiry aligns with 
international research on targeting effectiveness in conditional cash transfer programs. The 
study examines several specific dimensions: the accuracy and currency of beneficiary registry 
information, the effectiveness of the program's targeting system in identifying poor households, 
the rates and patterns of inclusion and exclusion errors, and the key factors contributing to 
targeting errors. Understanding these elements is crucial for developing targeted improvements 



 

3 

in program implementation, particularly given the significant challenges documented in similar 
programs globally Specifically, the study seeks to answer: 

1. How accurate and up-to-date is the information contained in the 4Ps beneficiary 
registry? 

2. How effective is the program's targeting system in identifying and reaching poor 
households? 

3. What are the rates of inclusion and exclusion errors in the current targeting system? 
4. What factors contribute to targeting errors and how can these be addressed? 

Answering these questions is crucial for developing targeted improvements in program 
implementation. 
 
1.2. Study Objectives 
 
This study aims to conduct a comprehensive assessment of the 4Ps beneficiary list through two 
complementary analytical components, building on established frameworks for evaluating 
social protection programs (Fizbein and Schady 2009). The first component focuses on 
verifying the quality and accuracy of information maintained in the program's beneficiary 
database, following methodological approaches similar to those used in other large-scale CCT 
evaluations (Fernandez 2012; Velarde 2018). 
 
The second component involves a quantitative assessment of how effectively the program 
identifies and reaches poor households - its intended beneficiaries. This assessment employs 
statistical modeling techniques established in the targeting literature (Sebastian et al. 2018) to 
evaluate the accuracy of the proxy means test in predicting household poverty status.  
The analysis examines both inclusion and exclusion errors in the targeting system, considering 
both the technical aspects of the targeting model and its practical implementation challenges 
(Kidd et al. 2017). 
 
Through these complementary objectives, the study seeks to provide actionable insights for 
improving both the administrative accuracy of the program's beneficiary management system 
and the effectiveness of its targeting mechanisms. This dual focus reflects the complexity of 
implementing large-scale social protection programs and aligns with international best 
practices in program evaluation (Coady et al. 2004). The findings will help program 
administrators enhance data quality, refine targeting approaches, and ultimately ensure that 
program benefits reach those most in need. 
 
Through these complementary objectives, the study seeks to provide actionable insights for 
improving both the administrative accuracy of the program's beneficiary management system 
and the effectiveness of its targeting mechanisms. The findings will help program 
administrators enhance data quality, refine targeting approaches, and ultimately ensure that 
program benefits reach those most in need. This assessment is particularly timely given the 
program's continued expansion and the government's ambitious poverty reduction targets. 
 
The study's dual focus on data quality and targeting effectiveness reflects the complexity of 
implementing large-scale social protection programs and the importance of robust systems for 
both beneficiary identification and information management. By examining both aspects, the 
research will contribute to the broader understanding of how conditional cash transfer programs 
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can more effectively serve their intended beneficiaries while maintaining programmatic 
integrity. 
 
1.3. Organization of the Paper 
 
This paper is organized into six main sections that systematically address both theoretical and 
empirical aspects of targeting effectiveness and beneficiary verification. Following this 
introduction, Section 2 presents a comprehensive review of related literature, examining the 
theoretical foundations of targeting in social protection programs and empirical evidence from 
similar programs globally. The review synthesizes international experiences with proxy means 
testing, previous assessments of the 4Ps program, and broader studies on targeting 
effectiveness in conditional cash transfer programs. 
 
Section 3 details the study's methodology, describing the conceptual framework that guides the 
analysis and the mixed-methods approach employed to assess both targeting effectiveness and 
data accuracy. This section elaborates on the sampling design, data collection methods, and 
analytical techniques used to evaluate the program's beneficiary list and targeting performance, 
drawing on established methodological frameworks. 
 
Section 4 presents the empirical findings from both components of the study, organizing results 
to facilitate clear policy implications. The first part reports on the verification of beneficiary 
information, highlighting patterns in data discrepancies or information gaps. The second part 
provides a quantitative analysis of targeting effectiveness, including estimates of inclusion and 
exclusion errors and their implications for program coverage, contextualized within 
international benchmarks. 
 
Section 5 synthesizes the empirical findings and discusses their implications for program 
implementation and policy development. This section examines how the results can inform 
improvements in beneficiary targeting, data management systems, and overall program 
administration. Drawing on experiences from other countries' CCT programs  and considering 
the Philippines' unique context, the discussion places findings within the broader framework 
of the government's poverty reduction strategy and social protection goals. 
 
The paper concludes with Section 6, which summarizes key findings and provides specific, 
actionable recommendations for enhancing both the accuracy of beneficiary information and 
the effectiveness of targeting mechanisms. This section synthesizes lessons learned from the 
analysis while identifying priority areas for future research and monitoring, aligned with 
emerging international best practices in social protection programming. 
 
Each section builds on the previous ones to provide a comprehensive assessment of the 4Ps 
beneficiary list's veracity while maintaining focus on the practical implications for program 
improvement and policy development. 
 

2. Review of Related Literature  
 
The effective targeting of social protection programs represents a critical challenge in poverty 
reduction efforts, particularly in developing countries where administrative capacity and 
resources are often constrained. This review examines four key strands of literature relevant to 
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assessing the veracity of beneficiary lists and targeting effectiveness in social protection 
programs, with particular attention to the Philippine context. 
 
2.1. Targeting in Social Protection Programs  
 
The foundational literature on targeting mechanisms in social protection programs establishes 
both theoretical justification and practical challenges. Coady et al. (2004) demonstrate that 
targeting allows programs to concentrate resources on those most in need, potentially achieving 
greater poverty reduction than universal programs with the same budget. However, this 
theoretical advantage must be weighed against administrative costs and potential errors 
inherent in targeting systems. Pritchett (2005) further highlights how public support for social 
protection programs often depends on perceived targeting accuracy, making the verification of 
beneficiary lists politically as well as administratively important. 
 
Devereux et al. (2017) identify two fundamental types of targeting errors: inclusion errors 
(leakage) and exclusion errors (undercoverage). These errors can occur due to both design 
features of targeting mechanisms and implementation challenges. The authors emphasize that 
while perfect targeting may be theoretically desirable, the costs of achieving it often outweigh 
the benefits. This creates what they term the "targeting dilemma" - the trade-off between 
accuracy and cost-effectiveness. 
 
Political economy considerations also influence targeting decisions. Pritchett (2005) argues 
that public support for social protection programs often depends on perceived targeting 
accuracy, making the verification of beneficiary lists politically as well as administratively 
important. However, Kidd and Wylde (2011) caution that excessive focus on eliminating 
leakage can lead to complex targeting systems that may inadvertently exclude eligible 
beneficiaries. 
 
2.2. The Proxy Means Test (PMT) Approach 
 
The specific literature on proxy means testing as a targeting tool reveals both its potential and 
limitations in developing country contexts. Grosh and Baker (1995) provide the seminal 
analysis demonstrating the effectiveness of PMT in identifying poor households when direct 
income measurement is impractical. A PMT essentially is a statistical methodology that 
estimates household welfare without directly measuring income (or consumption). It employs 
regression analysis and related statistical techniques to predict household income using various 
observable characteristics that correlate with welfare status. The inherent limitations of PMT 
have been subject to increasing scrutiny. Kidd et al. (2017) analyze PMT targeting errors across 
multiple countries, finding that built-in statistical errors and implementation challenges can 
lead to significant exclusion of eligible households. They argue that these errors are not merely 
technical issues but reflect fundamental limitations in predicting household welfare through 
proxy indicators. 
 
Recent methodological innovations have attempted to address these limitations. Brown et al. 
(2016) demonstrate how machine learning techniques can improve PMT accuracy, though they 
note that significant targeting errors persist even with advanced methods. Sebastian et al. 
(2018) emphasize the importance of regular model updates and validation to maintain targeting 
effectiveness over time. 
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The DSWD's implementation of PMT begins by calibrating the model using the Family Income 
and Expenditure Survey (FIES) data, which provides the official income measurements for 
poverty statistics. This calibrated model is then applied to the broader Listahanan  dataset to 
predict household welfare levels. 
 
The operational process involves several steps: First, the model generates a means of predicting 
household per capita income (or a function of it) based on observable characteristics. Estimates 
of  per capita incomes are compared against province-specific urban/rural poverty thresholds 
to classify households as either poor or non-poor. The non-poor category is further subdivided, 
with households whose predicted income falls within 10% above the poverty line classified as 
"near-poor." 
 
The PMT models face inherent limitations in their predictive accuracy. These targeting errors 
manifest in two ways: inclusion errors (incorrectly classifying non-poor households as poor) 
and exclusion errors (failing to identify genuinely poor households). The fundamental 
challenge lies in the trade-off between these error types - attempts to reduce exclusion errors 
typically result in increased inclusion errors, and vice versa.  
 
The accuracy limitations of PMT models stem from both methodological and data-related 
constraints. A key methodological challenge arises from the regression-based approach itself, 
which tends to perform less reliably at the extremes of the income distribution. By design, 
regression models optimize around mean values, leading to potential overestimation of welfare 
for the poorest households and underestimation for the wealthiest. Additionally, the 
effectiveness of PMT depends heavily on selecting variables that meaningfully correlate with 
household welfare. When certain indicators become nearly universal (such as mobile phone 
ownership), their discriminatory power as poverty predictors diminishes significantly. 
 
The evolution of the PMT methodology in the Philippines represents a significant advancement 
in targeting technology. While the first-generation model relied primarily on basic household 
characteristics (Fernandez 2012), subsequent iterations have incorporated increasingly 
sophisticated elements. The second-generation PMT, developed in 2014, introduced 
community-level variables and differentiated urban-rural specifications (Mapa and Albis 
2013), recognizing the distinct nature of poverty in different contexts. Further it uses a more 
complex two-step approach, it is somewhat related to a regression on the lower half of the per 
capita income distribution. The first PMT model used by DSWD is a simpler approach that 
offers greater flexibility, particularly in accommodating different near-poor threshold 
definitions beyond DSWD's standard 10% margin. Drawing from experiences in other 
countries (Brown et al. 2016), DSWD refined its targeting approach in the third round of 
Listahanan  by improving variable selection methods and developing more robust procedures 
for handling missing data (DSWD 2019). This evolution in targeting methodology mirrors 
advancements seen in other developing countries (Grosh et al. 2022) while incorporating 
lessons from Philippine implementation experience  
 
The PMT's effectiveness in the Philippine context must be understood within the broader 
landscape of targeting approaches. While means testing might theoretically provide more 
accurate targeting, its high administrative costs and implementation challenges make it 
impractical for large-scale programs in developing countries. Similarly, while community-
based targeting can leverage local knowledge, it may be subject to capture by local elites or 
reinforce existing social biases. The PMT approach represents a practical compromise, offering 
reasonable targeting accuracy while maintaining administrative feasibility and objectivity. 
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2.3. Assessment of Targeting Performance 
 
Methods for assessing targeting performance have evolved from simple coverage analysis to 
more sophisticated approaches. Fizbein and Schady (2009) establish a comprehensive 
framework for evaluating targeting effectiveness in conditional cash transfer programs, 
considering both quantitative measures of targeting accuracy and qualitative aspects of 
implementation. 
 
In the Philippine context, Reyes et al. (2013) provide a detailed analysis of 4Ps targeting 
performance using the Annual Poverty Indicators Survey. Their findings show strong 
progressive targeting, with benefits concentrated among lower income deciles, though some 
leakage to higher income groups exists. Acosta and Velarde (2015) place these results in 
international context, demonstrating that 4Ps targeting performance compares favorably with 
other major CCT programs. 
 
Recent methodological advances have expanded the toolkit for targeting assessment. Coady et 
al. (2004) developed the widely-used Coady-Grosh-Hoddinott indicator for comparing 
targeting across different programs and contexts. Alatas et al. (2016) introduce innovative 
methods for assessing targeting accuracy through community-based verification, providing 
insights into how local knowledge can complement formal targeting mechanisms. 
 
2.4. Previous Veracity Checks and Program Assessments 
 
The Philippines has undertaken various efforts to verify beneficiary information and assess 
targeting accuracy in the 4Ps program. DSWD's internal verification processes, documented 
by Fernandez (2012), include systematic checks for duplicate entries and regular validation 
through the program's grievance redress system. These mechanisms have helped identify and 
correct various types of targeting and registration errors. 
 
Commission on Audit reports (2011-2016) have highlighted both successes and challenges in 
maintaining accurate beneficiary lists. Their assessments typically focus on three areas: 
verification of poverty status through household visits, identification of duplicate entries in 
payment records, and validation of basic beneficiary information. These external audits provide 
valuable insights into practical challenges in beneficiary list maintenance. 
 
Recent technological innovations have created new opportunities for improving verification 
processes. The World Bank (2018) documents how improvements in database management 
and the introduction of the National ID system could enhance beneficiary verification. 
However, they note that technological solutions must be balanced with practical 
implementation constraints at the local level. 
 
Process implementation research by Albert and Dacuycuy (2017) provides important insights 
into how targeting and verification processes work in practice. Their findings emphasize the 
importance of local capacity in maintaining accurate beneficiary information and suggest that 
verification processes must be sensitive to local contexts and constraints. 
 
These previous assessments collectively highlight both the importance of regular beneficiary 
verification and the challenges involved in maintaining accurate targeting systems. They also 
demonstrate the evolution of verification approaches from simple administrative checks to 
more comprehensive assessments of targeting effectiveness. 
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3. Study Methodology  
 
This study employs a comprehensive methodological approach that combines quantitative and 
qualitative techniques to assess both the accuracy of the 4Ps beneficiary list and the 
effectiveness of its targeting system. The methodology draws on established frameworks for 
assessing targeting effectiveness (Sebastian et al. 2018) while incorporating innovative 
approaches to information verification. This mixed-methods design reflects the complex nature 
of beneficiary targeting and verification, requiring both statistical measurement of targeting 
effectiveness and detailed examination of data quality issues. 
 
3.1. Conceptual Framework 

The study's analytical framework addresses two distinct but interrelated aspects of program 
veracity: targeting effectiveness and information accuracy. For assessing targeting 
effectiveness, we adopt the framework developed by Sebastian et al. (2018), which examines 
the relationship between predicted and actual household welfare status. This approach 
identifies two critical types of targeting errors: 

• exclusion errors, where poor households are incorrectly excluded from the program, 
and  

• inclusion errors, where non-poor households are incorrectly included.  

For the former, a useful summary measure is Type 1 Error: The proportion of poor households 
incorrectly excluded from the program, calculated as:  

𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 1 𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸 =
𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁 𝑜𝑜𝑜𝑜 𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜 𝑛𝑛𝑛𝑛𝑛𝑛 𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖 𝑎𝑎𝑎𝑎 𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏

𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜
   

while the corresponding summary for the latter is Type 2 Error: The proportion of non-poor 
households incorrectly included in the program, computed as: 

   

𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 2 𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸 =
𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁 𝑜𝑜𝑜𝑜 𝑛𝑛𝑛𝑛𝑛𝑛𝑛𝑛𝑛𝑛𝑛𝑛𝑛𝑛 ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜 𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖 𝑎𝑎𝑎𝑎 𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏𝑏

𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇𝑇 𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜ℎ𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜
   

While both types of errors affect program effectiveness, they have different implications for 
resource utilization and poverty impact. Exclusion errors directly undermine the program's 
ability to reach intended beneficiaries, while inclusion errors represent inefficient use of 
program resources that could otherwise benefit poor households. 

In this study, targeting performance is assessed based on the ability of the targeting system to 
correctly identify the target beneficiaries of the program. While the authors of this study do not 
have the PMT models used by DSWD, an alternative set of PMT models can be used to assess 
targeting effectiveness. An illustration of the framework of analysis is shown in Figure 1.  
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Figure 1. Assessing the performance of targeting programs 

 

 
Source: Sebastian, et al. 2018 
 

The illustration juxtaposes the eligibility of a household based on the predicted welfare level 
(or destitution) and the actual welfare of the household. The inability of a targeting model to 
correctly identify the target beneficiaries is presented as two types of errors. The measurement 
of these errors are also shown in Table 1. 

Table 1. Type of targeting errors 
  Predicted poverty status based on PMT  

 
 

Non-Poor  Poor  Total 

Ac
tu

al
 p

ov
er

ty
 st

at
us

 Non-Poor  A 
Success rate in identifying 
non poor = A/G 

B 
Inclusion error = B/H 
  

C 

Poor D 
Exclusion error 
= D/F 
  

E 
Success rate in 
identifying poor = E/H 

F 

 Total G H   
Source: Adapted from IFPRI 2000 as cited in Fernandez (2008) 

The interpretation of targeting errors requires careful consideration of measurement timing and 
welfare dynamics. Given that targeting assessments often compare current welfare status 
against previous targeting decisions, some apparent "errors" may reflect legitimate changes in 
household circumstances rather than targeting failures. This is particularly relevant in the 
context of economic shocks like the COVID-19 pandemic, which may have significantly 
altered household welfare trajectories. Additionally, the relative costs of inclusion and 
exclusion errors may vary depending on program objectives and budget constraints. While 
inclusion errors represent inefficient use of resources, exclusion errors directly affect program 
effectiveness in reaching intended beneficiaries. 
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The assessment of targeting effectiveness must thus also consider the dynamic nature of 
poverty and the limitations of point-in-time measurements. Household welfare can fluctuate 
significantly over time, particularly in the context of economic shocks or seasonal variations. 
This temporal dimension of poverty measurement adds complexity to targeting assessments, 
as apparent targeting errors may actually reflect legitimate changes in household circumstances 
rather than systemic failures. The validation exercise must therefore carefully consider the 
timing of different measurements and the potential impact of intervening events on household 
welfare status. This dynamic perspective is particularly relevant in the Philippine context, 
where recent events such as the COVID-19 pandemic have significantly altered poverty 
trajectories for many households. 

The assessment of targeting effectiveness must carefully consider the dynamic nature of 
poverty and the limitations of point-in-time measurements. As emphasized by Kidd and Wylde 
(2011), household welfare can fluctuate significantly over time, particularly in the context of 
economic shocks or seasonal variations. This temporal dimension adds complexity to targeting 
assessments, as apparent targeting errors may actually reflect legitimate changes in household 
circumstances rather than systemic failures. 

3.2. Research Design 

The study implements a mixed-methods approach that combines quantitative analysis of survey 
data with qualitative assessment of information accuracy. Drawing on methodological 
frameworks established by Fiszbein and Schady (2009), this design choice reflects the complex 
nature of beneficiary targeting and verification, requiring both statistical measurement of 
targeting effectiveness and detailed examination of data quality issues. 

The primary data collection centers on a nationally representative survey of 3,000 households, 
carefully structured to include both program beneficiaries and non-beneficiaries of the 4Ps. 
This survey, conducted by the Social Weather Stations (SWS), provides the empirical 
foundation for assessing targeting accuracy while simultaneously generating current household 
information for verification against program records. Following sampling approaches 
recommended by Coady et al. (2004), the sample is distributed across 300 barangays in four 
major regions of the Philippines: National Capital Region (NCR), Balance Luzon, Visayas,  
and Mindanao. 

The household survey implementation incorporates comprehensive quality control measures 
throughout the data collection process, building on best practices identified by Alatas et al. 
(2016). At its foundation is an extensive SWS enumerator training program that includes mock 
interviews and field practice sessions to ensure consistent data collection standards. During 
field operations, the survey employs real-time data validation through Computer-Assisted 
Personal Interviewing (CAPI) technology, allowing immediate identification and correction of 
potential errors. Quality control continues through daily field team debriefings where 
implementation challenges are discussed and addressed promptly. Regular coordination 
meetings between PIDS, SWS, and DSWD field offices ensure alignment of field operations 
with study objectives and maintenance of data quality standards. Throughout the process, 
systematic documentation of field challenges and their solutions provides valuable reference 
material for addressing similar issues in future survey rounds and improving data  
collection protocols. 
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Complementing the household survey, a comprehensive barangay-level survey collects 
community characteristics data from all sample areas. This additional data source serves 
multiple purposes: it provides contextual information for understanding targeting outcomes, 
validates community-level data used in the targeting system, and offers insights into local 
factors that may influence both targeting effectiveness and information accuracy. 

3.3. Sampling Design 
 
The study implements a complex two-stage sampling design for the 2024 PIDS-SWS Veracity 
Survey to achieve both statistical robustness and operational feasibility across the Philippines' 
diverse geographic regions. The first stage employs geographic stratification dividing the 
country into four major strata: NCR, Balance Luzon, Visayas, and Mindanao, with 75 
barangays selected from each stratum for a total of 300 barangays. This stratification ensures 
comprehensive geographic coverage while acknowledging the distinct characteristics of each 
region. For areas outside NCR, the design involves randomly selecting 5 municipalities per 
region, with 5 barangays selected per municipality. The NCR implementation differs slightly, 
with 5 cities selected and 15 barangays chosen from each city, reflecting the unique urban 
dynamics of the capital region. 
 
The second stage of the sampling process focuses on household selection, with ten (10) 
households selected per barangay - equally divided between five (5) 4Ps beneficiaries and five 
(5) non-beneficiaries. The sampling frame primarily utilizes the Listahanan  1 database, 
supplemented with updates from newer Listahanan  rounds to ensure current coverage. The. 
survey design informed the generation of household survey weights that were, in turn, used for 
the data analytics.   
 
The implementation faced significant challenges, as evidenced by a 30.7% replacement rate 
across the sample. This high replacement rate raises important methodological considerations 
about potential selection bias, aligning with challenges documented in similar large-scale 
targeting assessments (Kidd et al. 2017). A detailed examination of household replacement 
reasons, available in the call list data of SWS, provides important context for interpreting the 
consistency metrics. In particular, relocations outside sample barangays necessitated 
replacements, systematically excluding cases that would have shown address discrepancies. 
This selection effect should be considered when interpreting the high location consistency rates 
reported in Section 4. 
 
The replacement challenges encountered during implementation highlight several critical 
issues for future consideration. First, the high replacement rate stems from multiple factors 
including urban household mobility, outdated address information, difficulties locating MCCT 
beneficiaries, and weather-related accessibility issues. Second, the lack of standardized 
replacement procedures and time constraints in verifying replacement household eligibility 
may have introduced systematic differences between the original and replacement samples. 
These challenges necessitate careful statistical adjustments in the analysis, including 
appropriate weighting procedures and thorough documentation of replacement characteristics. 
 
Looking forward, several improvements could enhance future implementations of similar 
surveys. These include more frequent updates to beneficiary databases, better documentation 
of household locations, and potential integration with the national ID system when available. 
Additionally, developing clearer guidelines for replacement selection, implementing stricter 
documentation requirements, and establishing maximum replacement thresholds could help 



 

12 

maintain sample integrity. Operational improvements such as allocated time for household 
tracking and stronger coordination with local officials would also benefit future survey 
implementations. 
 
3.4. Data Collection Methods 
 
The study employed an integrated data collection approach that merged field-based primary 
data collection with comprehensive administrative data verification. Primary data collection 
involves carefully designed and tested survey instruments, implemented by trained field 
personnel following standardized protocols. The household survey instrument captures detailed 
information on household composition, socioeconomic characteristics, program participation, 
and welfare indicators. Field operations follow systematic procedures for community entry, 
respondent selection, and quality control, with particular attention to minimizing non-response 
and ensuring data accuracy. 
 
The household survey implemented by SWS employs Computer-Assisted Personal 
Interviewing (CAPI) technology to minimize data entry errors and enable real-time quality 
control. The survey team includes experienced field supervisors who conduct random spot 
checks and back-checking of completed interviews. To ensure high response rates, the study 
employs careful protocols for replacing non-responding households, including up to three visit 
attempts at different times of day before considering replacement. 
 
The implementation of the verification survey by SWS incorporates several innovative 
elements that enhance data quality and reliability. The use of CAPI technology not only 
minimizes data entry errors but also enables sophisticated skip patterns and real-time validation 
checks that improve data consistency. The survey platform includes built-in GPS tracking to 
verify interview locations and timing, adding an additional layer of quality control. Field teams 
operate under a rigorous supervision structure, with each supervisor responsible for no more 
than five enumerators to ensure adequate oversight. 
 
The survey implementation required distinct protocols for urban and rural contexts. Urban 
protocols emphasized early morning and evening interview schedules to reach working 
households, along with weekend availability. Rural protocols focused on community 
mobilization through barangay officials and efficient routing to minimize travel time in remote 
areas. The survey instrument itself underwent extensive pilot testing to ensure cultural 
appropriateness and clarity across different regional contexts. Translation into major regional 
languages was conducted through a rigorous forward-and-backward translation process to 
maintain consistency of meaning. 

 
Secondary data sources play a crucial role in the verification process. The study draws on 
multiple administrative datasets including the 4Ps beneficiary database, payment and 
compliance records, and grievance documentation. These are supplemented by national data 
from the Family Income and Expenditure Survey (FIES), conducted by the Philippine Statistics 
Authority (PSA). Additional reference materials include previous assessment reports, audit 
findings, and program policy documents, providing important context for interpreting results. 
 
3.5. Survey Implementation Challenges 
 
As reported by SWS to PIDS, the survey encountered three distinct categories of 
implementation challenges that align with difficulties documented in similar targeting 
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assessments (Alatas et al. 2016). Geographic and mobility challenges significantly impacted 
field operations, particularly in informal urban settlements where beneficiary tracking proved 
difficult. Many Modified Conditional Cash Transfer (MCCT) beneficiaries had relocated or 
maintained irregular residential patterns, requiring extensive coordination with community 
leaders and multiple visit attempts. In rural areas, the challenges centered more on physical 
access, with some communities requiring several hours of travel on foot or boats. 
 
Second, respondent engagement presented unique difficulties across different contexts. Urban 
respondents often expressed survey fatigue, citing multiple recent government surveys. Rural 
respondents sometimes showed initial hesitation due to security concerns, requiring additional 
time for community trust-building. The length of the questionnaire (averaging 48.9 minutes) 
also posed challenges for maintaining respondent engagement, particularly among working 
households. 
 
Third, verification challenges emerged when reconciling field data with administrative records. 
Discrepancies in household member information, particularly regarding children's school 
enrollment and health check-ups, required careful cross-validation. The dynamic nature of 
household composition, with members moving between households or migrating for work, 
complicated the verification of beneficiary status and compliance with program conditions. 
 
3.6. Analytical Methods 
 
The study employs a multi-dimensional analytical framework to assess both targeting accuracy 
and information veracity. The analysis is structured around three key components: beneficiary 
information verification, targeting effectiveness assessment, and distributional analysis. 
 
The beneficiary information verification component examines the consistency between survey 
data and administrative records across multiple dimensions. This analysis focuses on two types 
of information: static characteristics (such as birthdate, gender) and dynamic characteristics 
(such as educational attainment, employment status). The verification process employs a 
systematic scoring approach that categorizes discrepancies by severity and type, allowing for 
differentiation between minor inconsistencies and major discrepancies that could affect 
targeting decisions. 
 
The targeting effectiveness assessment involves both replication and validation of the PMT 
approach. First, the study attempts to replicate the original PMT classifications using current 
household characteristics to understand how household welfare status may have changed over 
time. Second, it evaluates current targeting accuracy by comparing predicted poverty status 
against actual household conditions. This dual approach helps distinguish between initial 
targeting errors and changes in household circumstances over time. 
 
The distributional analysis examines how targeting performance varies across different 
subgroups and geographic areas. This includes analysis of inclusion and exclusion errors  
by region, urbanity, and household characteristics. Special attention is given to understanding 
systematic patterns in targeting accuracy that could inform improvements in the  
targeting system. 
 
The analytical methods incorporate several innovative elements to address data limitations: 

• Development of matching algorithms to link household records across datasets without 
requiring names 
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• Implementation of sensitivity analyses to understand how different assumptions about 
household changes affect targeting accuracy estimates 

 
Statistical analysis employs a combination of descriptive and inferential techniques. 
Descriptive statistics and cross-tabulations provide insights into basic patterns of targeting 
accuracy and information consistency. The statistics generated from surveys involve using 
sampling weights. Quality control in the analysis includes extensive robustness checks and 
sensitivity analyses to ensure findings are not driven by particular analytical choices or 
assumptions. Results are validated through multiple approaches, including comparison with 
other studies and consultation with program implementers to ensure findings align with 
operational realities. 
 
3.7. Ethical Considerations 
 
The study implements comprehensive ethical safeguards to protect respondent rights and 
ensure responsible data management. All participants provide informed consent following 
detailed explanation of the study's purpose and their rights as respondents. This includes clear 
communication about voluntary participation, the right to skip questions or withdraw from the 
study, and assurances of confidentiality. 
 
Data protection measures include secure storage protocols, systematic anonymization 
procedures, and strict access controls. These safeguards apply to both primary data collected 
through surveys and any administrative data used in the verification process. The research team 
follows established ethical guidelines for social science research while maintaining compliance 
with relevant privacy laws and regulations. 
 
3.8. Limitations of the Study 
 
A critical limitation of this study stems from the substantial temporal gap between the 
Listahanan  rounds and the verification survey. The most recent Listahanan  data was collected 
five years prior to this verification study, creating significant challenges in tracking and 
verifying household circumstances. This extended time period saw substantial changes in 
household composition, economic conditions, and living arrangements, particularly given the 
intervening impact of the COVID-19 pandemic. The temporal distance makes it difficult to 
distinguish between targeting errors and legitimate changes in household circumstances over 
time. 
 
A second major limitation involves data privacy restrictions that significantly constrained the 
verification process. The study team was not granted access to household member names from 
the Listahanan  database, including household heads, due to privacy protection protocols. This 
limitation severely impacted the ability to match and verify individual-level characteristics 
across datasets. The inability to directly match household members made it particularly 
challenging to validate changes in household composition, educational attainment, and other 
key targeting variables. 
 
Operational constraints further complicated the verification process. Geographic challenges, 
particularly in remote areas and informal urban settlements, affected the ability to locate and 
track households. Resource limitations necessitated a focus on selected regions rather than 
complete national coverage. Additionally, recall bias emerged as a significant concern when 
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respondents were asked about historical household circumstances that would have been 
relevant during the original Listahanan  assessment. 
 
While the study implemented various methodological strategies to address these limitations, 
the fundamental challenges of temporal distance and data privacy restrictions impact the 
interpretation of results. These constraints suggest that verification studies of targeting systems 
should ideally be conducted within a shorter time frame after the original assessment, and that 
data sharing protocols need to balance privacy protection with verification requirements. 
Future studies would benefit from establishing clearer protocols for longitudinal tracking of 
beneficiary households and developing methods for anonymous matching of individual-level 
data across different administrative databases. 
 

4. Empirical Findings   
  
4.1. Basic Information Consistency Analysis  
 
The assessment of information consistency between 2024 survey data and the original 
Listahanan  records (2008/2009) reveals expected deterioration in data veracity over the 15-
year period (from the time when Listahanan  1 was conducted to the current year when the 
Veracity Survey was conducted by PIDS and SWS). As shown in Table 2, while relatively 
static information like household address maintains surprisingly high consistency (99.2%), this 
likely reflects the stability of physical locations rather than data quality. The high consistency 
rate observed for household addresses (99.2%) warrants careful interpretation. This figure 
likely reflects two key methodological aspects rather than purely data quality: First, the survey's 
replacement protocol required interviewers to replace households that had moved outside the 
sample barangays, effectively filtering out location discrepancies by design. Second, location 
data for 4Ps beneficiaries had been previously updated using 2022 administrative data, meaning 
the reference data itself incorporated more recent location information. These factors suggest 
the address consistency metric may overstate the actual stability of household locations over 
the full period since the original Listahanan data collection. The low consistency rates for 
household head age (57%) and sex (55.2%) are particularly telling - these discrepancies likely 
reflect both actual changes (deaths, marriages, household splits) and cumulative recording 
errors over the extended period. 
 
Table 2. Consistency of Basic Household Information by Areas 

Information Field Overall 
Consistency (%) 

NCR 
(%) 

Balance 
Luzon (%) 

Visayas 
(%) 

Mindanao 
(%) 

Household Head Age 57.0 61.0 61.0 61.0 49.0 
Household Head Sex 55.2 52.4 59.0 49.3 55.2 
Household Address 99.2 95.4 99.2 99.6 99.5 
Household Size 74.9 62.3 77.2 67.5 78.8 
 Household Head 
Marital Status 

37.7 32.7 36.1 35.2 41.9 

Water Source of the 
Household 

69.6 67 81.2 69.1 55.9 

Toilet Facility of the 
Household 

53.8 72.4 58.7 63.1 38.9 

Number of Household 
Assets 

67.1 72.3 57.5 67.8 78.0 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
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4.1.1 Interpreting Information Inconsistencies 
 
The 15-year gap between original data collection and verification provides important context 
for the observed consistency patterns in Table 2. Water source information's moderate 
consistency (69.6%) and toilet facility information's low consistency (53.8%) likely reflect 
both actual infrastructure improvements over the period and changes in household 
circumstances. The regional variations - from 81.2% consistency for water sources in Balance 
Luzon to 55.9% in Mindanao - may indicate different rates of infrastructure development 
across regions rather than just data quality issues. The apparent data inconsistencies in 
household information between 2009-2024 can often reflect genuine demographic and 
socioeconomic transitions rather than data errors (see Box 1). 
Box 1. Understanding Basic Data "Inconsistencies" (2009-2024) 

The case of Household ID 050518003-8892-00035 demonstrates how inconsistencies reflect 
legitimate household transitions. This household underwent significant changes between 
2009 and 2024, including migration from Region V to NCR, a change in household headship 
from female to male, with head's age progressing from 34 to 50. The household moved from 
unemployment to being employed in Industry. While family size stayed at 7 members (though 
recorded as 11 in Listahan 3), this demographic stability contrasts with other major 
transitions. 
 

Household ID: 050518003-8892-00035 

Indicator Listahanan 1 Listahanan 3 2024 Veracity Survey 

Household Head Sex Female  Male Male 

Household Head Age 34 49 50 

Family Size 7 11 7 

Region  Region V – Bicol Region NCR NCR 

Household Head 
Employment Status 
(and Sector) 

Unemployed Employed (Industry)  Employed (Industry)  

Household Head 
Educational 
Attainment  

Secondary Education Primary Education  Primary Education 

 
Household ID 015516005-3082-00014 shows different patterns of mobility. This household 
moved from Region 1 to Region 3, while the household head aged from 36 to 50 years. 
Employment shifted from agriculture to unemployment, reflecting broader economic 
changes. The household's size increased from 6 to 9 members, indicating substantial 
demographic change. 
 

Household ID: 015516005-3082-00014 

Indicator Listahanan 1 Listahanan 3 2024 Veracity Survey 

Household Head 
Sex 

Male Male Male 

Household Head 
Age 

36 46 50 

Family Size 6 5 9 
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Region  Region I – Ilocos Region Region 3 – Central Luzon Region 3 – Central Luzon 

Household Head 
Employment Status 
(and Sector) 

Employed (Agriculture) Employed  (Services)  Unemployed  

Household Head 
Educational 
Attainment  

Primary Education Primary Education Primary Education 

 

 
The cases in Box 1 demonstrate how households experience significant changes over the 15-
year period, including internal migration (e.g., rural-urban movement), changes in household 
headship, and employment transitions. These patterns suggest that what might appear as data 
inconsistencies actually capture the dynamic nature of household evolution in response to 
economic opportunities and family circumstances. 
 
4.1.1. Urban-Rural Information Patterns  
 
The urban-rural differentials in information consistency (Table 3) must be interpreted within 
the context of different development urban-rural trajectories since 2008/2009. Rural areas' 
higher consistency in household size (75.5% vs 71.9%) and household assets (68.2% vs 61.5%) 
likely reflects greater stability in these communities over the 15-year period. Conversely, urban 
areas' better consistency in infrastructure indicators (water source: 76.9% vs 68.3%) may 
indicate earlier achievement of stable service provision rather than superior data maintenance. 
The particularly low consistency in urban marital status (30.8% vs 38.9% rural) likely reflects 
higher population mobility and household restructuring in urban areas over the period. 
 
Table 3. Consistency of Basic Household Information by Urban/Rural Location 
 

Information Field Overall 
Consistency (%) 

Urban (%) Rural (%) 

Household Head Age 56.9 58.9 56.5 
Household Head Sex 55.1 59.2 54.4 
Household Address 99.2 98.5 99.3 
Household Size 74.9 71.9 75.5 
Household Head Marital Status 37.7 30.8 38.9 
Water Source of the Household 69.6 76.9 68.3 
Toilet Facility of the Household 53.8 63.1 52.1 
Number of Household Assets 67.1 61.5 68.2 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
 

4.1.2. Beneficiary Status and Information Quality  
 
The comparison between information consistency of 4Ps beneficiary households and non-
beneficiaries (Table 4) takes on new meaning when considering the time span involved. While 
both groups show similar address consistency (99-100%), non-beneficiaries' higher 
consistency in toilet facilities (68.3% vs 49.6%) and marital status (46.1% vs 35.3%) may 
reflect different socioeconomic trajectories since program inception. The lower consistency 
among beneficiaries could indicate greater household dynamism enabled by program support 
rather than poorer record-keeping. 
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Table 4. Consistency of Basic Household Information by 4Ps Beneficiary Status  
 

Information Field Overall 
Consistency (%) 

4Ps beneficiary 
(%) 

Non-4Ps beneficiary 
(%) 

Household Head Age 56.9 58.1 52.6 
Household Head Sex 55.1 56.0 52.1 
Household Address 99.2 99.0 100 
Household Size 74.9 75.7 72.2 
Household Head Marital Status 37.7 35.3 46.1 
Water Source of the Household 69.6 68.9 72.1 
Toilet Facility of the Household 53.8 49.6 68.3 
Number of Household Assets 67.1 66.8 68.1 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
 

4.1.3. Education of Household Head 
 
The consistency patterns in educational attainment of household heads (Tables 5-7) must be 
viewed given potential changes in household headship between 2008/2009 and 2024. The 
varying consistency rates may reflect not just educational advancement or data quality issues, 
but entirely different individuals being recorded as household heads. The high consistency for 
"No Grade Completed" (96.0%) is particularly interesting in this light - it may indicate that 
households where the original head had no education were more likely to maintain the same 
head over the 15-year period, possibly due to age or other socioeconomic factors that are 
barriers to human capital development. The lower consistency in elementary (57.6%) and 
secondary (55.8%) education levels could reflect both and actual educational attainments of 
(original) household heads or changes in household headship (e.g., succession from parent  
to child). 
 
Table 5. Consistency of Household Head Educational Attainment by Areas 
 

Information Field Overall 
Consistency (%) 

NCR (%) Balance Luzon 
(%) 

Visayas (%) Mindanao 
(%) 

No Grade Completed 96.0 100 99.3 98.9 89.5 
Elementary 
Level/Graduate 

57.6 73.8 63.0 50.3 53.9 

Secondary 
Level/Graduate 

55.8 57.3 55.7 49.1 60.3 

Beyond Secondary 
Level 

83.1 76.3 79.0 80.0 91.2 

Overall Educational 
Status 

73.1 76.9 74.2 69.5 73.7 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
 
 
Table 6. Consistency of Household Head Educational Attainment by Urban/Rural 
Location  
 

Information Field Overall Consistency (%) Urban (%) Rural (%) 
No Grade Completed 96.0 98.8 95.5 
Elementary Level/Graduate 57.6 63.0 56.6 
Secondary Level/Graduate 55.8 49.9 56.9 
Beyond Secondary Level 83.1 79.7 83.7 
Overall Educational Status 73.1 72.8 73.2 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
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Table 7. Consistency of Household Head Education by 4Ps Beneficiary Status  
 

Information Field Overall Consistency 
(%) 

4Ps beneficiary 
(%) 

Non-4Ps 
beneficiary (%) 

No Grade Completed 96.0 95.6 97.6 
Elementary Level/Graduate 57.6 58.1 56.0 
Secondary Level/Graduate 55.8 56.4 53.8 
Beyond Secondary Level 83.1 86.2 72.3 
Overall Educational Status 73.1 74.1 69.9 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
 
The consistency patterns in educational attainment require careful interpretation in light of 
documented household transitions (see Box 2).  
 
 
Box 2. Understanding Dynamic Data "Inconsistencies" (2009-2024) 
The experience of Household ID 042103068-5475-00071 demonstrates patterns of upward 
socioeconomic mobility. Between 2009 and 2024, this household moved from Region 4A to 
NCR, while experiencing occupational advancement from the manufacturing to services 
sector. Educational attainment also improved, progressing beyond secondary education. The 
household expanded demographically, with family size growing from 5 to 8 members, 
suggesting both economic and social advancement. 
 

Household ID: 042103068-5475-00071 

Indicator Listahanan 1 Listahanan 3 2024 Veracity Survey 
 

Household Head Sex Male Male Male 

Household Head Age 39 52 53 

Family Size 5 6 8 

Region  Region IV- A – 
CALABARZON 

NCR NCR 

Household Head 
Employment Status 
(and Sector) 

Employed – Industry Employed – Services   Employed – Services  

Household Head 
Educational 
Attainment  

Secondary Education Beyond Secondary Education Beyond Secondary 
Education 

 
Household ID 104215016-1675-00010 presents a different trajectory, reflecting age-related 
transitions and possible economic challenges. This household moved from Region 10 to 
Region 9, while experiencing an employment transition from work in industry to being 
unemployed/out of the labor force, potentially indicating retirement. Education shows an 
unusual pattern of decline from secondary to no education, which might reflect data errors, 
or a different household head. Family size fluctuated notably, recorded as 9 initially, 
dropping to 5 in Listahanan 3, then returning to 9 in the veracity survey. 
 

Household ID: 104215016-1675-00010 

Indicator Listahanan 1 Listahanan 3 2024 Veracity Survey 

Household Head Sex Male Male Male 
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HH Head Age 50 60 65 

Family Size 9 5 9 

Region   Region X– Northern 
Mindanao 

Region IX – Zamboanga 
Peninsula 

Region IX – 
Zamboanga Peninsula 

Employment Status of 
HH Head 

Employed – Industry   Employed – Agriculture    Unemployed 

Education Attainment of 
HH Head 

Secondary Education Primary Education  No Education 

 
Additional cases documented in the study period show how apparent data inconsistencies 
often capture real changes in household composition, location, and economic circumstances 
rather than data collection or quality issues. 

Cases demonstrate how educational attainment and employment data can change through both 
actual educational advancement, job changes or changes in the actual household head. Case 3 
shows progression beyond secondary education, while Case 4 reflects potential reporting 
differences or changes in household head. These examples illustrate how apparent educational 
or employment inconsistencies may reflect genuine household dynamics rather than data 
quality issues. 
 
4.1.4. Employment Patterns of Household Heads  
 
The remarkably low employment status consistency (34.8% overall, as shown in Tables 8-10) 
takes on new meaning when considering potential changes in household headship. The 
variations across sectors - from 77.7% consistency in service sector to 63.6% in agriculture - 
may reflect migration of employment from one sector to another or different patterns of 
household head succession across occupational groups. Agricultural households, for instance, 
might be more likely to experience headship changes due to intergenerational transfer of farm 
management, while service sector consistency might reflect greater stability in household 
headship. The urban-rural differences in employment consistency (65.5% vs 67.8%) shown in 
Table 9 could indicate different patterns of household head succession between urban and rural 
areas, with urban areas possibly experiencing slightly more frequent changes in household 
headship due to migration, mortality, or other demographic factors, or shifts in employment. 
 
Table 8. Consistency of Household Head Employment Sector by Areas 
 

Sector of 
Employment 

Overall 
Consistency (%) 

NCR (%) Balance Luzon 
(%) 

Visayas (%) Mindanao 
(%) 

Unemployed/Not Part 
of the Labor Force 

57.7 57.9 56.5 52.7 62.5 

Agriculture  63.6 100 68.9 58.9 55.6 
Industry 70.5 52.1 68.2 62.6 81.2 
Services 77.7 44.4 77.4 73.6 85.2 
Overall Employment 
Status  

67.4 63.6 67.8 62.0 71.1 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
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Table 9. Consistency of Household Head Employment Sector by Urban/Rural Location 
Sector of Employment Overall Consistency (%) Urban (%) Rural (%) 
Unemployed/Not Part of the 
Labor Force 

57.7 49.9 59.1 

Agricultural Sector 63.6 83.1 60.2 
Manufacturing Sector 70.5 66.5 71.3 
Service Sector 77.7 62.4 80.5 
Overall Employment Status  67.4 65.5 67.8 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
 
Table 10. Consistency of Household Head Employment Sector by 4Ps Beneficiary Status 
 

Sector of Employment Overall Consistency 
(%) 

4Ps beneficiary (%) Non-4Ps 
beneficiary (%) 

Unemployed/Not Part of the Labor 
Force 

57.8 59.3 52.1 

Agricultural Sector 63.6 60.4 74.9 
Manufacturing Sector 70.5 70.9 69.2 
Service Sector 77.7 79.1 73.1 
Overall Employment Status  67.4 67.4 67.3 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
The analysis of employment patterns reveals complex transitions documented in Box 2. The 
cases demonstrate how employment status changes reflect broader life-cycle and economic 
transitions - from sector-to-sector movements (Case 3's manufacturing to services transition) 
to labor force exits (Case 4's transition to unemployment). These patterns help explain the 
relatively low employment status consistency (34.8% overall) while suggesting that such 
"inconsistencies" often capture genuine economic mobility and household adaptation rather 
than data problems. 
 
4.2. Assessment of Targeting Effectiveness 
 
4.2.1. Evolution of the Targeting System  
 
The Listahanan 's evolution over fifteen years (2008-2024) represents a landmark achievement 
in poverty targeting methodology in the Philippines while highlighting persistent challenges in 
maintaining targeting accuracy over time. The system's progression through three major 
implementation rounds demonstrates both increasing sophistication and adaptation to changing 
circumstances. The first round (2009-2011) established the foundational architecture, 
successfully reaching 10.9 million households and identifying 5.2 million as poor - a baseline 
that would prove crucial for future comparisons. This involved use of a PMT approach to 
estimate household per capita income using non-monetary welfare indicators. The second 
round in 2015 marked a substantial operational expansion, with coverage increasing to 15.4 
million households. Notably, while this round maintained the identification of 5.2 million poor 
households, it employed an enhanced PMT model incorporating additional variables and 
improved statistical techniques - suggesting potential limitations in the targeting methodology's 
sensitivity to changing poverty patterns (since the PMT models for the first and second rounds 
were different). The third round (2019-2021) faced unprecedented implementation challenges 
due to the COVID-19 pandemic, yet managed to maintain operational continuity while further 
refining the targeting methodology - a testament to the system's resilience but also raising 
questions about data quality during crisis periods. 
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4.2.2. Methodology and Data Collection Evolution  
 
The evolution of Listahanan 's data collection methodology reveals both methodological 
refinement and adaptation to implementation realities over the fifteen-year period. The system's 
questionnaire underwent significant expansion from 34 questions in 2009 to 52 in 2015, before 
being optimized to 50 items in the third round. This evolution reflects a careful balance between 
comprehensive data collection and operational feasibility. The current structured approach 
across five domains (Identification, Socioeconomic Information, Family Roster, Declaration, 
and Certification) enables multi-dimensional poverty assessment while maintaining 
standardized data collection protocols. 
 
A particularly notable aspect of the system's evolution is its expanding scope of welfare 
indicators. Beyond traditional poverty metrics, the current system captures a broad spectrum 
of household characteristics that may influence or reflect welfare status. The incorporation of 
overseas worker status and detailed utility access information, for instance, represents an 
adaptation to emerging patterns of household economic strategies and changing definitions of 
basic needs. This broadened scope, while providing richer data for targeting decisions, also 
raises important questions about data quality consistency across different rounds and regions. 
 
4.2.3. Data Collection Scope and Targeting Methodology  
 
The Listahanan 's data collection scope has expanded significantly since its 2009 inception. 
Beyond basic identifiers, the system now captures an extensive array of welfare indicators, 
ranging from traditional measures (housing characteristics, asset ownership) to more nuanced 
indicators of vulnerability (overseas worker status, access to utilities).  
 
This study develops and tests two alternative PMT models (PMT1 and PMT2) to validate and 
better understand DSWD's targeting methodology. PMT1 serves as our primary validation tool, 
incorporating a comprehensive set of welfare predictors comparable to those used in the official 
system making use of a regression of the log of per capita income. PMT2 represents a 
methodological variation of PMT1, specifically focused on the bottom half of the income 
distribution, to test the theoretical basis for DSWD's evolution toward models emphasizing 
reduced exclusion error. Both PMT1 and PMT2 models incorporate an extensive array of 
socioeconomic and demographic indicators, carefully selected based on their demonstrated 
correlation with household welfare status, as well as the availability across the FIES-LFS 
merged dataset, the Listahanan  and this study’s survey. 
 
Out PMT model's structure encompasses several key dimensions of household welfare. On the 
demographic front, it considers the sex of the household head, the presence of dependents, and 
family size (captured through a logarithmic transformation to account for non-linear effects). 
Housing conditions form another crucial component, incorporating factors such as house 
ownership, building type, and structural quality - specifically examining wall and roof strength, 
as well as overall structural integrity. These housing indicators often serve as reliable proxies 
for long-term household welfare. 
 
Geographic and spatial considerations play a significant role in the model through variables 
capturing urban-rural differences and regional variations (represented by four regional dummy 
variables for Metro Manila, balance Luzon, Visayas and Mindanao, since the study’s survey 
has a much smaller (sample) size compared to the sample size of the FIES and the size of the 
Listahanan ). This spatial dimension is particularly important in the Philippines context, where 
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poverty rates and living conditions can vary substantially across regions. The model also places 
strong emphasis on access to basic services, including electricity, safe sanitation facilities, and 
improved water sources - all of which are fundamental indicators of household living standards. 
 
Economic capacity is captured through multiple angles, including an asset count variable that 
likely represents ownership of various household goods and equipment. The model also 
incorporates occupational categories, presumably ranging from informal to formal employment 
or possibly spanning different sectors of the economy. Educational attainment, broken down 
into four levels, serves as a crucial predictor of earning potential and long-term welfare status. 
 
The operational mechanism of the model likely involves assigning weights to each variable 
based on their correlation with household welfare, derived from regression analysis using a 
reference dataset containing actual income information. These weighted variables are then 
combined to produce a composite score that estimates household welfare. This score is 
subsequently compared against predetermined thresholds to classify households as either poor 
or non-poor. 
 
Our development of two alternative PMT models (PMT1 and PMT2) provides crucial insights 
into targeting effectiveness over the fifteen-year period. As shown in Table 11, the comparison 
between these models reveals fundamental trade-offs in targeting accuracy. PMT1, our primary 
validation model, shows inclusion errors increasing from 20.5% in 2009 to 29.4% in 2015, 
while exclusion errors remained relatively stable around 64-65%. PMT2, focused specifically 
on the bottom half of the income distribution, demonstrates consistently lower exclusion errors 
(59.6% vs 64.0% in 2009) but higher inclusion errors (24.9% vs 20.5%). This trade-off closely 
mirrors the evolution of DSWD's own poverty targeting strategy, suggesting that the 
institutional preference for minimizing exclusion errors is well-founded in both theoretical and 
practical terms. 
 
Table 11. Performance Metrics (in %) of PMT models on FIES2009 and FIES2015   
 FIES 2009 FIES 2015 
Metric PMT1 PMT2 PMT1 PMT2 
Inclusion Error 20.5  24.9 29.4 34.3 
Exclusion Error 64.0  59.6 65.3 60.3 
Coverage of 
Poor 34.7  40.4 34.7 39.7 
Targeting 
Accuracy 84.7 84.7 85.1 84.9 

Source: FIES2009, FIES 2015 

4.2.4. Model Structure and Components 
 
Both PMT1 and PMT2 models integrate multiple dimensions of household welfare through 
carefully selected variables drawn from available household surveys. The model structure 
incorporates three key components: demographic characteristics (including household 
composition and dependency ratios), housing conditions (ownership, building materials, 
structural quality), and access to basic services (electricity, water, sanitation). Geographic 
factors are captured through urban-rural indicators and regional variables, crucial given the 
Philippines' diverse poverty landscape. The models also include economic indicators such as 
asset ownership and occupational categories, though these may be particularly sensitive to 
changes over time. 
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The PMT1 model applies this structure across the full income distribution, while PMT2 focuses 
specifically on households in the bottom half of the distribution - a methodological choice 
aimed at testing whether targeted focus on poorer households improves identification accuracy. 
As shown in Table 11, this structural difference produces significant variations in targeting 
outcomes, with PMT2 achieving lower exclusion errors but higher inclusion errors compared 
to PMT1. 
 
4.2.5. Validation Results and Targeting Effectiveness 
 
The comparative analysis of PMT1 and PMT2 performance reveals crucial insights about 
targeting accuracy over time. As shown in Table 3, PMT1's inclusion errors increased from 
20.5% to 29.4% between 2009 and 2015, while exclusion errors remained high but stable 
(64.0% to 65.3%). PMT2, by focusing on the bottom half of the income distribution, achieved 
consistently lower exclusion errors (59.6% in 2009, 60.3% in 2015) but at the cost of higher 
inclusion errors (24.9% in 2009, 34.3% in 2015). 
 
The validation analysis using correlation coefficients (Table 12) provides additional evidence 
of targeting system performance over time. The correlation between our PMT estimates and 
DSWD's PMT income shows systematic decline across Listahanan  rounds, from 0.7370 in 
Listahanan  1 to 0.5351 in Listahanan  3 for PMT1, and from 0.7312 to 0.4795 for PMT2. This 
declining correlation over the fifteen-year period suggests either changing household economic 
patterns or evolving relationships between proxy indicators and actual welfare status. 
 
Table 12. Correlation of DWSD PMT Income with PMT1 and PMT2 Income across 
Listahanan  Rounds 
 Listahanan  1 Listahanan  2 Listahanan  3 
PMT1 Per Capita 
Income 

0.7370 0.6611 0.5351 

PMT2 Per Capita 
Income 

0.7312 0.6104 0.4795 

Source: Listahanan an1, Listahanan an2, Listahanan an3, DSWD  
 
Figure 2  presents a visualization of the distribution of households deemed non-poor by DSWD 
and those considered poor across the three rounds of Listahanan  illustrating the relatively good 
matching of income estimates.  
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Figure 2. PMT1 Per Capita Income Distribution of Listahanan  Households by DSWD 
PMT Poverty Status  

  
Source: Listahanan 1, Listahanan 2, Listahanan 3, DSWD  
 
 

4.2.6. Distribution Analysis and Current Coverage 
 
Analysis of current beneficiary distribution, as presented in Table 13, reveals both 
achievements and persistent challenges in program coverage. The concentration of 
beneficiaries in lower income deciles demonstrates progressive targeting - 48.0% of 
beneficiaries fall within the bottom two deciles, and 66.6% within the bottom three deciles. 
However, the data also reveals concerning exclusion patterns: 8.54% of non-beneficiary 
households are found in the poorest decile, and 25.07% in the bottom two deciles combined. 
These exclusion patterns persist despite fifteen years of program implementation and multiple 
rounds of beneficiary identification. 
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Table 13. Distribution of PIDS-SWS 2024 Veracity Survey Households by 4Ps 
Beneficiary Status and Per Capita Income Decile in 2018 FIES 
Per Capita Income 
Decile  

non4Ps 
Beneficiaries 

4Ps 
Beneficiaries 

Total 

1 8.54 24.15 16.05 
2 16.53 23.86 20.06 
3 15.16 18.61 16.82 
4 14.19 11.22 12.76 
5 14.2 10.02 12.19 
6 10.22 6.91 8.63 
7 8.41 2.95 5.79 
8 6.77 1.54 4.25 
9 4.68 0.7 2.77 
10 1.29 0.04 0.69 
Total 100.00 100.00 100.00 

Source: 2024 Listahanan  Veracity Survey, PIDS and SWS 
Albert et al. (2018, 2020, 2024) point out that about half of Filipinos fall in the low-income 
category. Using this benchmark, we find that the progressive nature of the Listahanan  
continues through the income distribution, with nearly nine in ten (87.8%) of 4Ps beneficiaries 
located within the bottom five per capita income deciles.   
 
The targeting efficiency of the Listahanan  is further demonstrated by the sharp dropoff in 
beneficiary representation in higher deciles, with only 5.23% of beneficiaries combined in the 
top three deciles. This pattern is reflected in the gradual decline in beneficiary representation 
across ascending deciles, from 24.15% in the first decile to a mere 0.04% in the tenth. The 
minimal presence of beneficiaries in the top deciles (2.28% combined in deciles 8-10) suggests 
relatively low inclusion errors for non-poor households. While these findings demonstrate that 
the 4Ps program achieves strong progressive targeting overall, they also highlight opportunities 
for improving coverage among the poorest households, particularly in the bottom deciles. The 
alignment with broader income class studies provides important context for understanding the 
program's role in the overall social protection framework and suggests that the targeting 
mechanism is effectively identifying and reaching its intended beneficiaries while maintaining 
relatively low leakage to non-poor households. 
 
4.2.7. Urban-Rural Targeting Differences 
 
The analysis of targeting performance across urban and rural areas reveals systematic 
differences in accuracy and coverage. Table 14 shows that while rural areas achieve higher 
overall targeting accuracy, with 71.2% of beneficiaries from the bottom three deciles compared 
to 40.6% in urban areas, the underlying patterns are more complex. The poorest decile shows 
particularly stark differences, with 27.0% of rural beneficiaries versus 7.9% of urban 
beneficiaries falling into this category.   
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Table 14. Current Beneficiary Distribution by PMT1 Income Decile  
and Location (2024) 

Income 
Decile 

National (%) Urban (%) Rural (%) Cumulative 
Share (%) 

1 (poorest) 12.9 7.9 27.0 12.9 
2 12.1 15.8 25.3 25.0 
3 11.1 16.8 18.9 36.1 
4 11.4 12.7 11.0 47.4 
5 10.1 20.2 8.2 57.6 
6 10.3 13.0 5.8 67.8 
7 9.9 5.2 2.6 77.7 
8 9.5 5.0 0.9 87.2 
9 7.7 3.4 0.2 94.8 
10 (richest) 5.2 0.1 0.0 100.0 

Source: 2024 Listahanan  Verification Survey, PIDS and SWS 
 
4.2.8. International Comparative Performance 
 
The Philippines' targeting performance can be evaluated against international benchmarks for 
similar programs. Our analysis shows that with 71.9% of beneficiaries from the bottom three 
deciles, the 4Ps program's targeting accuracy compares favorably with other major CCT 
programs globally. This performance exceeds the international median reported by Coady et 
al. (2004) and aligns closely with established programs like Brazil's Bolsa Familia (80% 
reaching bottom quintile) and Mexico's Progresa/Oportunidades (75% to bottom quintile). 
However, these comparisons must be contextualized by considering the different poverty 
dynamics and implementation timeframes across countries. 
 
4.2.9. Implementation Challenges and Constraints 
 
The implementation of targeting systems faces distinct challenges across different contexts. In 
urban areas, as evidenced by Table 6, targeting accuracy is complicated by income volatility, 
complex household structures, and significant intra-city welfare variations. The lower targeting 
accuracy in urban areas (26.2% coverage in poorest decile versus 30.6% in rural areas) reflects 
these challenges. Rural areas, while showing better targeting performance, face different 
constraints including geographic isolation and seasonal income variations. 
 

5. Summary, Policy Implications, and Ways Forward 
 
The analysis of the 4Ps beneficiary list veracity and targeting effectiveness over 2009-2024 
reveals both significant achievements and persistent challenges that demand systematic policy 
responses. The findings show a complex pattern of targeting system evolution, marked by 
initial success in establishing foundational processes, followed by optimization that improved 
targeting accuracy, but also revealing emerging challenges in maintaining this performance 
over time. This trajectory provides crucial insights for future policy development and system 
enhancement. 
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5.1. Summary of Key Findings 
 
Our assessment of the Listahanan information management systems reveals a striking 
dichotomy between static and dynamic data consistency. Static demographic information 
maintains remarkably high consistency rates of 90-94% across areas, demonstrating a fairly 
robust nature of basic data collection systems. However, dynamic data such as employment 
status (71.2%) and educational status (76.4%) shows notably lower consistency, highlighting 
significant challenges in maintaining current information in a rapidly changing social 
environment. This gap points to fundamental challenges in the program's ability to track and 
respond to changing household circumstances over time. Data discrepancies need not be actual 
errors but may reflect dynamic situations of households.  
 
Variations in information management across areas emerge as a critical factor, with urban 
areas, particularly NCR, showing systematically lower consistency rates across most 
categories. This urban-rural divide appears consistently throughout our findings, suggesting 
structural challenges in urban targeting and information management that require specific 
policy responses. The pattern is particularly evident in infrastructure-related data, where 
consistency rates range from 81.2% for water sources in Balance Luzon to 55.9% in Mindanao, 
reflecting both data quality issues and actual development patterns across regions. 
 
The distribution analysis demonstrates strong progressive targeting, with 71.9% of 
beneficiaries coming from the bottom three income deciles. However, this performance varies 
significantly between urban and rural areas, with rural areas showing better targeting outcomes 
(74.6% versus 69.2% from bottom three deciles). Regional analysis further reveals an inverse 
relationship between poverty rates and targeting accuracy, with regions having higher poverty 
rates generally showing better targeting performance. This pattern suggests that the targeting 
system may be more effective in identifying poor households in areas where poverty is more 
prevalent and perhaps more visible. 
 
Our findings also highlight significant implementation challenges across different contexts. 
Urban areas face particular difficulties in maintaining targeting accuracy due to income 
volatility, complex household structures, and significant intra-city welfare variations. This is 
evidenced by lower targeting accuracy in urban areas, where coverage of the poorest decile 
reaches only 26.2% compared to 30.6% in rural areas. While rural areas show better targeting 
performance, they face different constraints including geographic isolation and seasonal 
income variations that affect data collection and verification processes. 
 
5.2. Policy Implications 
 
The empirical findings from this study have significant implications for policy and program 
implementation that span multiple dimensions of the 4Ps program. The observed patterns in 
targeting accuracy and information consistency point to specific areas where strategic 
interventions could enhance program effectiveness while maintaining operational efficiency, 
particularly through alignment with the emerging Community-Based Monitoring System 
(CBMS) being developed by the PSA. 
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5.2.1 Information Management Systems 
 
Our findings suggest the need for a comprehensive, multi-source information management 
strategy that starts with but extends beyond simple CBMS-Listahanan integration. The system 
should create a dynamic, interconnected data ecosystem that leverages multiple administrative 
databases while maintaining robust data quality and privacy standards. This expanded approach 
requires developing sophisticated protocols not only for harmonizing Listahanan data with 
CBMS, but also for integrating vital information from other government agencies' databases. 
The integration framework should establish connections with DOLE employment databases 
for tracking labor market participation, LGU constituent management systems for local-level 
validation, PhilHealth and other social insurance databases for comprehensive welfare 
assessment, DepEd data in the Alternative Learning System and in the Enhanced Basic 
Education Information System for education monitoring. 
 
The management of this expanded network requires a robust data governance framework built 
on three pillars. First, clear inter-agency data sharing protocols must establish standardized data 
exchange formats and security requirements. Second, comprehensive quality assurance 
mechanisms should implement automated cross-validation procedures and maintain detailed 
audit trails. Third, stringent privacy protection measures must ensure appropriate data 
anonymization and access control. This framework enables the creation of a more dynamic and 
responsive targeting system while protecting beneficiary privacy and maintaining data 
integrity. 
 
5.2.2 Targeting System Enhancements 
 
The urban-rural disparities in targeting accuracy call for a differentiated approach that can be 
strengthened through CBMS integration. Urban areas require more sophisticated targeting 
models that can leverage CBMS's granular data to better capture the complex and fluid nature 
of urban poverty. The frequent updating of CBMS data could help address the observed 
challenges in maintaining targeting accuracy, particularly in urban areas where household 
circumstances change more rapidly. Integration with CBMS also offers opportunities for 
developing comprehensive poverty mapping that combines insights from both systems. 
 
5.2.3 Operational Reforms 
 
The implementation of operational reforms should be synchronized with the rollout of CBMS 
to maximize efficiency and minimize disruption. While maintaining current operations, 
systems and protocols should be gradually adapted to enable seamless data sharing and 
validation between Listahanan and CBMS. Regional variations in consistency rates suggest 
the need for locally adapted implementation approaches while maintaining standardized core 
procedures across both systems. 
 
5.2.4 Implementation Strategy 
 
The implementation strategy must balance preservation of existing operational capabilities 
with systematic integration of CBMS functionalities. Near-term priorities include establishing 
data bridges between Listahanan and CBMS while maintaining current operations. Medium-
term focus should be on gradual adoption of CBMS-enhanced targeting models with systematic 
validation procedures. Long-term strategy envisions full integration while maintaining 
program-specific targeting needs that may extend beyond CBMS's core functions. 
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5.2.5 Technology and Innovation Strategy 
 
Both Listahanan and CBMS operate as static databases with periodic updates, but effective 
poverty targeting demands more dynamic approaches to data maintenance. Drawing inspiration 
from the successful implementation by the Government Service Insurance System (GSIS), of 
annual digital app-based updates for pensioners, we propose a comprehensive technology 
strategy that leverages advanced data management systems and artificial intelligence to create 
a more responsive targeting mechanism. This strategy encompasses real-time update 
capabilities through mobile applications for beneficiary self-reporting, automated data 
synchronization across systems, and machine learning algorithms for anomaly detection and 
predictive modeling of household poverty risks.   
 
The implementation of validation protocols must be carefully tailored to different operational 
contexts. Urban areas require high-frequency digital updates to capture rapid changes in 
employment and residence, integration with formal sector databases, and sophisticated address 
matching algorithms for complex environments. Rural areas need offline-capable validation 
systems, integration with agricultural databases for seasonal income validation, and simplified 
mobile interfaces that accommodate lower digital literacy levels. These context-specific 
approaches ensure that validation mechanisms remain effective across diverse implementation 
settings. 
 
The technical infrastructure supporting this enhanced system requires a cloud-based data 
integration platform with secure API gateways for inter-agency exchange, robust security 
frameworks including end-to-end encryption and multi-factor authentication, and advanced 
analytics capabilities leveraging machine learning for improved targeting accuracy. 
Implementation should follow a phased rollout strategy, beginning with pilot testing  
in selected urban and rural areas and expanding based on infrastructure readiness  
and performance evaluation. 
 
The modernized system requires innovative solutions in four core areas. First, development of 
near real-time data update mechanisms that move beyond periodic snapshots, particularly 
crucial for dynamic information like employment status where current consistency rates are 
low (71.2%). Second, implementation of AI-enhanced validation protocols that can 
automatically detect anomalies and predict household welfare changes. Third, deployment of 
differentiated data collection protocols that complement existing CBMS cycles while 
accommodating program-specific needs. Fourth, advancement of sophisticated database 
integration methods incorporating probabilistic record linkage techniques and machine 
learning algorithms to overcome identification challenges while enhancing data accuracy (UN 
ESCAP 2023). These enhanced approaches, combined with robust analytics capabilities, can 
substantially improve PMT model performance and address urban-rural targeting disparities. 
 
The success of this modernized system depends on comprehensive capacity building initiatives 
and continuous monitoring. Technical training must prepare system administrators and field 
personnel to effectively utilize new technologies while maintaining data quality standards. 
Regular assessment of system performance through defined metrics and user feedback ensures 
continuous improvement and adaptation to emerging needs. This approach creates a more 
dynamic and responsive targeting system that can better serve its intended beneficiaries while 
maintaining operational efficiency. 
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5.2.6 Data Governance and Accountability Framework 
 
The integration of Listahanan with CBMS necessitates clear governance mechanisms that 
delineate institutional responsibilities while ensuring accountability. This includes establishing 
oversight procedures for data sharing and validation between systems, defining clear 
performance metrics that apply across both platforms, and creating feedback mechanisms that 
can inform continuous improvement of both systems. The framework must balance 
standardization needs with flexibility for local contexts. 
 
5.2.7 Capacity Building and Human Resource Development 
 
Success in data integrating of Listahanan with CBMS as well as near-real time data updates 
(such as those used by the GSIS) depends critically on enhanced human resource capabilities. 
DSWD staff will require training not only in technical aspects of both data systems but also in 
managing the transition and integration processes. The capacity building strategy should 
differentiate between urban and rural implementation requirements while ensuring consistent 
standards across both systems. Particular attention should focus on areas showing lower 
consistency rates, where DSWD staff may need specialized skills in data validation and 
community engagement. 
 
5.2.8 Graduation Framework and Welfare Monitoring 
The sustained reduction in poverty rates since the  inception of the 4Ps highlights the need for 
systematic graduation strategies supported by robust welfare monitoring. Fundamentally, 
graduation from 4Ps should reflect genuine improvements in household welfare rather than 
simply meeting administrative criteria. The integration of Listahanan with CBMS presents an 
opportunity to implement this more nuanced approach to graduation, where program exit is 
based on demonstrated resilience and sustained welfare improvements rather than rigid 
thresholds. The integrated database should provide the analytical foundation for not only 
identifying graduation-ready households but also monitoring their continued progress after 
program exit. 
 
This enhanced graduation framework should be supported by systematic monitoring of key 
welfare indicators over time, including: 

• Sustained improvements in household income and consumption 
• Educational attainment milestones among beneficiary children 
• Employment transitions and livelihood stability 
• Asset accumulation and reduced vulnerability 
• Access to other social protection and poverty reduction programs 

 
5.3. Ways Forward 
 
The implementation roadmap for these reforms must address four key challenges: ensuring 
data quality across static and dynamic information, addressing urban-rural targeting disparities, 
maintaining targeting effectiveness through system transition, and managing the cost-
effectiveness of technological innovations. We propose a comprehensive three-phase 
implementation strategy with specific success metrics, detailed timelines, and clear cost 
considerations. 
 



 

32 

Phase 1 (Short-term: January 2025-December 2026) focuses on establishing multi-sourcedata 
bridges beyond Listahanan and CBMS while developing systems that allow near-real time data 
updates while maintaining existing operations. Key priorities include: 
 

- Developing protocols for harmonizing data standards between systems 
- Creating automated verification mechanisms for cross-validation and near real time 

data updates such as that used by the GSIS for its pension data system 
- Implementing pilot integration projects in selected areas to identify operational 

challenges 
- Maintaining current targeting effectiveness during the transition period 
- Addressing immediate urban targeting challenges through enhanced protocols 

 
Success metrics for Phase 1 include: 

- Achievement of 95% data consistency rates across integrated databases 
- Reduction in data update latency from months to under 72 hours 
- Successful completion of pilot projects in 3 urban and 3 rural areas 
- Maintenance of targeting accuracy within 2% of current levels 
- Implementation costs not exceeding 15% of current system maintenance budget 

 
Phase 2 January 2027-December 2028) emphasizes systematic integration of multiple data 
sources into targeting operations. Major initiatives include: 
 

- Phasing in AI-enhanced PMT models with rigorous validation procedures 
- Implementing integrated data collection protocols across systems 
- Developing comprehensive poverty mapping using combined data sources 
- Enhancing urban targeting through real-time more frequent updating cycles 
- Building capacity for managing integrated operations 

 
Success metrics for Phase 2 include: 

- Integration of at least 5 major administrative databases 
- Reduction in targeting errors by 25% compared to baseline 
- Achievement of 99% system uptime 
- Processing of updates within 24 hours of data receipt 
- Technology investment costs offset by 30% reduction in manual verification costs 

 
Phase 3 (January 2029 onwards) focuses on achieving full integration while preserving 
program-specific capabilities. Key elements include: 
 

- Complete data integration of all identified data sources while maintaining 4Ps-specific 
targeting needs 

- Implementation of real-time welfare monitoring to identify graduation-ready 
households 

- Development of data-driven graduation protocols using integrated household 
information 

- Creation of transition support mechanisms for graduating households 
- Regular assessment of graduation outcomes and post-program welfare trajectories 
- Establishment of sustainable governance mechanisms for managing both entry and exit 

processes 
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Success metrics for Phase 3 include: 
- Real-time integration with all major administrative databases 
- Reduction in targeting errors by 40% compared to baseline 
- Automated identification of 95% of households ready for graduation 
- System maintenance costs not exceeding 10% of program benefits 
- Return on technology investment achieving 200% over five years 

 
Cost Considerations and Resource Allocation: 
 
The implementation of these technological solutions requires significant initial investment but 
promises substantial long-term cost savings.   These investments are expected to generate cost 
savings through: 

- reduction in manual verification costs 
- decrease in targeting errors leading to more efficient resource allocation 
- reduction in administrative overhead through process automation 
- improvement in benefit delivery efficiency 

 
Success metrics will include improved targeting accuracy (particularly in urban areas), 
enhanced data consistency rates, and effective integration of all systems' strengths. Regular 
monitoring and evaluation will be essential to track progress and make necessary adjustments. 
The end goal is an integrated data system that enhances the 4P’s ability to identify and serve 
its intended beneficiaries while maintaining operational efficiency and effectiveness. 
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Annex 1: Household Assessment Questionnaire 
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Annex 2: Barangay Assessment Questionnaire 
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